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Sound Practices for Responsible Adoption of Artificial 
Intelligence (AI): Consultation report 

Response to Consultation 

Australasian Society for Computers & Law (AUSCL) 

1. Do you agree with the benefits and risks of AI adoption by financial institutions 
described in this report? Are there any substantive benefits or risks not covered? 

Recommendation summary 

The final report retain the FSB’s balanced treatment of AI benefits and risks, while more 
expressly recognising risk prioritisation, privacy and data protection, contestability and 
redress, agentic AI delegation, AI-enabled fraud, systemic correlated behaviour, cross-
border data movement and the interaction between AI and emerging digital financial 
infrastructure. 

For material AI use cases, sound practices could place greater emphasis on accountable 
control ownership, proportionate assurance, and ecosystem-level assessment across cloud, 
model, data, identity, custody, market infrastructure and third-party dependencies. 

AUSCL broadly agrees with the benefits and risks described in the consultation report. The 
FSB appropriately identifies that AI may improve efficiency, innovation, customer service, 
regulatory compliance, risk management and cyber defence, while also introducing or 
amplifying risks relating to model governance, data quality, explainability, human oversight, 
cyber and ICT risk, third-party dependency, consumer protection, market conduct and 
emerging forms of GenAI and agentic AI risk. 

These observations are consistent with the FSB’s earlier work. In 2017, the FSB identified 
benefits from AI and machine learning in credit decisions, compliance, supervision and fraud 
detection, while also recognising risks relating to third-party dependency, 
interconnectedness, lack of interpretability, auditability, privacy, conduct and cybersecurity. 
In 2023, the FSB’s third-party risk toolkit addressed critical services, concentration, 
substitutability, supply chains, business continuity and exit strategies. In 2025, the FSB’s AI 
monitoring report highlighted that authorities’ AI monitoring remains at an early stage and 
that third-party dependencies, market correlations, cyber risks, and model governance 
remain difficult to monitor due to data availability, transparency and definitional challenges. 

AUSCL further recommends that the FSB encourage institutions and supervisors to adopt 
explicit AI risk-prioritisation methods. Risk management should not treat all AI risks as 
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equivalent. Prioritisation should consider severity, likelihood, affected stakeholders, 
systemic consequences and who has practical capability to mitigate the risk. 

Structured taxonomies, including the MIT AI Risk Repository, may assist supervisors and 
institutions to identify and compare risk domains consistently without turning the sound 
practices into a prescriptive taxonomy. 

AUSCL recommends that the final report more expressly recognise five under-emphasised 
risks: 

1. (Privacy and data protection risk) AI risk is not limited to poor data quality. It may arise 
from excessive collection, unclear authority to use data, secondary use, sensitive-attribute 
inference, retention, prompt and log capture, embeddings, cross-border processing and use 
of customer data for training or fine-tuning. AI deployment is not exempt from the application 
of privacy laws, and privacy compliance risk must be factored into AI risk assessments. 

2. (Contestability and redress) Customer-facing or customer-impacting AI decisions may 
require clear pathways for explanation, review, correction and redress, even where a human 
oversight process exists. 

3. (Agentic AI and delegated authority) Agentic AI may create risks of unauthorised 
delegation, tool misuse, API misuse, identity misuse, automated transaction execution and 
downstream operational disruption. 

4. (AI-enabled fraud and trust degradation) Deepfakes, synthetic identity, voice cloning, AI-
enabled phishing, market manipulation, disinformation and scams may erode trust in 
financial institutions and become financial-stability-relevant where amplified through digital 
channels. 

5. (Systemic and correlated AI risk) Financial institutions may independently adopt similar 
foundation models, data sources, optimisation techniques and AI providers. While individual 
deployments may appear appropriately governed, widespread adoption may create 
common-mode failures, concentration risk, correlated decision-making, market-wide 
feedback effects and systemic vulnerabilities. 

AUSCL also recommends that cross-border data movement be treated as a distinct AI risk 
vector. Financial institutions increasingly use AI systems that process customer, transaction, 
behavioural, biometric, device, risk, market and operational data across multiple 
jurisdictions and providers. The relevant risk is not only where data is stored, but: 

• who may access it; 

• whether it may be used for model training, fine-tuning or evaluation under applicable 
laws; 

• which subcontractors or affiliates may process it; 

• which foreign laws may compel access; 

• how encryption keys are controlled; 
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• whether prompts, logs, embeddings and outputs are retained; 

• whether data transfer is permitted under applicable privacy laws; 

• whether data transfer safeguards are effective; and 

• whether the institution can evidence continuing compliance with privacy, secrecy, 
confidentiality and prudential obligations. 

The final report may benefit from recognising that responsibility for managing material AI 
risks is most effectively allocated to the actors with the greatest ability to understand, 
influence and control those risks. 

In financial services, customers, employees, investors and other affected stakeholders may 
experience the consequences of AI failures without meaningful visibility of, or influence over, 
the underlying models, data, infrastructure or third-party dependencies. 

Accordingly, sound practices could place particular emphasis on clear accountability, 
effective control ownership and appropriate governance across financial institutions and, 
where relevant, their AI, cloud, data and infrastructure providers, rather than relying 
predominantly on end-user caution, consent mechanisms or generic disclosure. 

Finally, AUSCL notes that AI adoption is occurring alongside broader digital finance 
transformation, including tokenisation of real-world assets, programmable financial 
instruments, digital identity, verifiable credentials, automated compliance, digital custody 
and distributed market infrastructure. AI may improve asset verification, compliance 
monitoring, fraud detection, market surveillance, reconciliation, collateral management and 
servicing of tokenised assets. However, these benefits are accompanied by risks involving 
legally significant automated transactions, smart-contract defects, key-management failure, 
data-permission errors, correlated model behaviour, custody failures and settlement 
incidents. 

AUSCL therefore recommends that the final sound practices expressly recognise the 
interaction between AI adoption and emerging digital financial infrastructure. Responsible 
AI adoption should be assessed not only at the level of the individual model or financial 
institution, but also across the broader ecosystem of cloud infrastructure, AI models, APIs, 
data providers, identity infrastructure, digital asset platforms, custody providers and market 
infrastructure. 

Useful references: FSB 2026 consultation report; FSB 2025 AI monitoring report; FSB 2023 
third-party risk toolkit; FSB 2017 AI/ML financial stability report, MIT AI Risk Repository; MIT 
FutureTech, Prioritization of Risks from Artificial Intelligence: A Delphi Study of 272 
International Experts; ETO AGORA; ISO/IEC 42001; ISO/IEC 23894; ISO/IEC 38507; 
ISO/IEC 5338; ISO/IEC 5259 series; OECD AI Principles; UNESCO Recommendation on 
the Ethics of Artificial Intelligence; Basel Committee, Principles for Operational Resilience 
(see Annexure A) 

2. Are the sound practices sufficiently comprehensive and clear to enable financial 
institutions’ responsible AI adoption? 
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Recommendation summary 

AUSCL supports the structure and clarity of the proposed sound practices, including the 
distinction between organisation-wide governance and AI lifecycle management. 

AUSCL recommends targeted refinements to improve implementation: distinguish 
documentation from evidence-based assurance; maintain machine-readable AI inventories 
for material use cases; use common assurance artefacts and reporting schemas; map 
accountable ownership across business, technology, legal, privacy, cyber, risk, compliance 
and third-party functions; and maintain proportionate cross-border data and access maps. 

These refinements would support auditability, supervisory comparability, regulatory 
interoperability and practical implementation without altering the FSB’s risk-based, 
proportionate and non-prescriptive approach. 

AUSCL considers the sound practices to be comprehensive and clear in their overall 
structure. The distinction between organisation-wide AI governance and AI lifecycle 
management is helpful, and the framing of the sound practices as a proportionate menu 
rather than binding rules is appropriate. 

AUSCL also supports the FSB’s emphasis on governance, accountability, documentation, 
materiality assessment, data governance, explainability, performance management, human 
oversight, cyber and ICT risk, and third-party risk. These themes are consistent with the 
FSB’s earlier work on AI and machine learning, third-party risk management, and monitoring 
AI-related vulnerabilities in the financial sector. 

AUSCL recommends five refinements to improve implementation: 

1. (Clearly distinguish between documentation and assurance) First, AUSCL recommends 
the final sound practices more clearly distinguish between documentation and assurance. 
Documentation records what has been done. 

Assurance provides evidence that the AI use case is fit for purpose, operates within 
approved risk appetite, and can be monitored, contested, paused or exited when required. 
For high-materiality AI systems, documentation should support an evidence-based and 
continuous assurance case: a structured argument, supported by verifiable evidence, 
measurable controls and ongoing monitoring, demonstrating that the AI system is 
sufficiently safe, reliable, secure, lawful and governable for its intended use. This approach 
avoids treating policies, principles or attestations as substitutes for evidence of control 
effectiveness. 

Accountability maps should identify ownership of AI systems, risks, controls, assurance 
activities and decision authorities across business, technology, legal, privacy, cyber, risk, 
compliance, third-party management and operational functions. This would help boards, 
senior management, auditors and supervisors understand who is accountable for lifecycle 
controls and escalation decisions. 

2. (Maintain machine-readable inventories) Secondly, AUSCL recommends that financial 
institutions maintain machine-readable AI inventories for material AI use cases. These 
inventories should identify, in a proportionate manner: 
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o the AI use case and business owner; 

o intended purpose and prohibited uses; 

o materiality and risk classification; 

o model or system provider; 

o data sources and data lineage; 

o affected customers, markets or functions; 

o human oversight arrangements; 

o testing and monitoring evidence; 

o third-party dependencies; 

o cyber and operational resilience controls; and 

o pause, rollback, exit and incident escalation arrangements. 

3. (Use standard AI assurance artefacts) Thirdly, AUSCL recommends the use of standard 
AI assurance artefacts. These may include model cards, system cards, data lineage 
records, AI impact assessments, risk assessments, decision logs, testing evidence, 
monitoring reports, third-party assurance packs, audit logs and board or management 
attestations. Common assurance artefacts would assist institutions, boards, auditors and 
supervisors to assess AI use consistently without requiring a prescriptive one-size-fits-all 
model. 

4. (Common reporting schemas) Fourthly, AUSCL recommends that the FSB and relevant 
standard-setting bodies consider common reporting schemas for material AI use cases. 
Consistent, machine-readable schemas would reduce fragmentation, support supervisory 
technology, and assist authorities to monitor AI adoption, third-party concentration, model 
dependencies, cyber exposure and systemic risk indicators across institutions and 
jurisdictions. 

The final report could also identify existing international standards that provide 
implementation guidance without making them mandatory, including ISO/IEC 42001, 
ISO/IEC 23894, ISO/IEC 38507, ISO/IEC 5338 and the ISO/IEC 5259 series for data quality 
in analytics and machine learning. 

5. (Maintenance of cross-border data and access map) AUSCL further recommends that, 
for material AI use cases, financial institutions maintain a cross-border data and access 
map. This map should identify, where relevant: 

o categories of data used; 

o data provenance; 

o data location; 
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o overseas recipients; 

o subcontractors and affiliates; 

o model, cloud and infrastructure providers; 

o permitted uses and prohibited uses; 

o retention and deletion rules; 

o prompt, input, output and log handling; 

o restrictions on training, fine-tuning or evaluation; 

o encryption-key arrangements; 

o audit and access rights; 

o incident notification pathways; and 

o exit, deletion and portability requirements. 

This should be proportionate to the materiality, autonomy, sensitivity and criticality of the AI 
use case. It should not become a rigid compliance template. Its purpose is to make data, 
access and accountability arrangements visible, auditable and governable. 

These refinements would strengthen the practical utility of the sound practices while 
remaining consistent with the FSB’s risk-based and proportionate approach. They would 
also support regulatory interoperability across jurisdictions by encouraging common 
evidence, common terminology and common assurance expectations for material AI 
systems. 

Useful references: FSB 2026 consultation report; FSB 2025 AI monitoring report; FSB 2023 
third-party risk toolkit; FSB 2017 AI/ML financial stability report, ISO/IEC 42001, ISO/IEC 
23894, ISO/IEC 38507, ISO/IEC 5338 and the ISO/IEC 5259 series (see Annexure A) 

3. Do the sound practices strike an appropriate balance between managing risks 
relating to all forms of AI, and addressing some of the risks relating to emerging and 
new complex forms of AI, such as GenAI and agentic AI? 

Recommendation summary 

AUSCL supports the FSB’s technology-neutral approach and recommends a stronger focus 
on agentic AI, where governance challenges extend beyond model performance to identity, 
authority, permissions and accountability. 

The final report may also benefit from recognising multi-agent interactions, shared 
dependencies and common infrastructure as potential sources of operational resilience, 
concentration and systemic risk, particularly where AI systems are integrated with critical 
financial services and market infrastructure. 
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AUSCL considers that the report strikes a broadly appropriate balance between AI generally 
and emerging forms of AI, including generative AI and agentic AI. The report appropriately 
recognises that many governance, risk management and operational resilience principles 
apply across all AI systems, while also identifying risks that are particularly relevant to GenAI 
and agentic AI, including prompt injection, data poisoning, jailbreaking, cyber vulnerabilities, 
autonomy, contestability and human oversight. 

AUSCL supports the FSB's decision not to create a separate governance framework for 
GenAI or agentic AI. A principles-based and technology-neutral approach is more likely to 
remain effective as AI capabilities evolve. The core governance, accountability, risk 
management and assurance principles described in the report should continue to apply 
irrespective of the underlying technology. 

However, AUSCL recommends that the final report more clearly distinguish between: 

• AI systems that support or inform human decision-making; 

• AI systems that generate content, analysis or recommendations; and 

• Agentic AI systems that can act through tools, APIs, workflow systems, software 
environments or other agents. 

The distinction is important because the governance challenge changes when an AI system 
can initiate actions rather than merely provide information. 

For agentic AI, the primary governance question is not simply model performance, but the 
management of authority, identity, permissions and accountability. 

AUSCL therefore recommends that the final report place greater emphasis on governance 
controls for agentic systems, including: 

• identity management; 

• authentication and authorisation; 

• delegated authority; 

• tool and API permissions; 

• transaction limits; 

• segregation of duties; 

• dual-control mechanisms; 

• objective-setting and constraint management; 

• escalation pathways; 

• monitoring and supervision; 
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• non-repudiation; 

• logging and auditability; 

• rollback and recovery mechanisms; and 

• revocation of agent privileges. 

These controls are well established in financial services governance and operational risk 
management and should be adapted to AI agents that may interact with critical systems. 

For high-materiality or critical operations, AUSCL recommends that financial institutions 
undertake testing of agentic AI under severe but plausible scenarios, including: 

• compromised tools or APIs; 

• inaccurate or malicious instructions; 

• conflicting objectives; 

• data leakage; 

• unauthorised transactions; 

• privilege escalation; 

• manipulation by external actors; 

• cascading operational failures; 

• disruption of critical business services; 

• interactions between multiple AI agents; and 

• multi-agent and cross-institution interaction scenarios, including conflicting objectives, 
cascading failures, agent-to-agent interactions, shared dependencies, collusive or 
manipulative behaviour and loss of shared situational awareness across interconnected 
financial systems. 

Such testing is conceptually consistent with operational resilience and scenario-testing 
approaches already adopted in many jurisdictions and reflected in prudential frameworks 
such as APRA CPS 230. 

AUSCL notes that, as AI ecosystems mature, material risks may increasingly arise from 
interactions between multiple autonomous systems operating within and across 
organisational boundaries. While individual systems may be appropriately governed in 
isolation, their interaction may give rise to emergent behaviours, conflicting objectives, 
cascading failures, correlated decision-making and unforeseen vulnerabilities. 

Governance frameworks may therefore benefit from considering agent-to-agent 
interactions, shared dependencies and systemic effects across trading, payments, 
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compliance, fraud detection, digital identity, tokenised markets and third-party service 
environments. Such considerations are particularly relevant where multiple institutions rely 
on common models, data sources, infrastructure providers or AI services, potentially 
creating concentration risk, common-mode failures and broader financial-stability 
implications. 

AUSCL recommends that the final report more explicitly recognise the relationship between 
agentic AI, operational resilience and cybersecurity. The increasing integration of AI agents 
with payment systems, trading systems, digital identity services, customer platforms, 
workflow tools and market infrastructure means that failures may have operational 
consequences extending beyond the performance of an individual model. 

Cross-border and sovereignty considerations also warrant greater attention in the context 
of agentic AI. Where an AI agent can access accounts, datasets, APIs, payment systems, 
trading platforms, customer records, digital identity services or workflow tools, institutions 
should be able to demonstrate: 

• the agent's identity; 

• its authorised scope of activity; 

• applicable jurisdictional constraints; 

• data-access permissions; 

• geographic or provider restrictions; 

• escalation pathways; 

• logging and audit controls; 

• supervisory oversight arrangements; and 

• mechanisms for suspension or revocation of authority. 

These controls help ensure that technical autonomy does not circumvent legal 
accountability, privacy safeguards, outsourcing controls, prudential obligations or 
operational-resilience requirements. 

Finally, AUSCL notes that agentic AI may become increasingly relevant to emerging forms 
of digital finance, including tokenised assets, programmable financial instruments, digital 
identity ecosystems, automated compliance functions and distributed financial market 
infrastructure. As these capabilities mature and become more deeply embedded within 
financial services, governance frameworks may benefit from focusing not only on the 
behaviour of individual models or agents, but also on the interactions between autonomous 
systems, financial institutions, customers, market infrastructure and third-party service 
providers. Particular attention may be warranted where such interactions create complex 
dependency chains, concentration risk, common-mode failures, operational resilience 
challenges or broader financial-stability implications that may not be apparent when systems 
are assessed in isolation. 
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In summary, AUSCL supports the FSB's balanced approach while recommending a stronger 
focus on the governance of identity, authority, permissions and accountability as the defining 
risk-management challenge for agentic AI. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence 
and Financial Stability; FSB 2023 Third-Party Risk Management Toolkit; APRA CPS 230 
Operational Risk Management; NIST AI Risk Management Framework; ISO/IEC 42001 
Artificial Intelligence Management Systems; ISO/IEC 23894 Artificial Intelligence Risk 
Management; MAS Veritas Framework; MAS FEAT Principles; OECD AI Principles (see 
Annexure A) 

4. Are the sound practices sufficiently flexible to accommodate and address newer 
types of AI and responsible adoption over time?  

Recommendation summary 

AUSCL supports the flexibility of the proposed sound practices and their principles-based, 
risk-based and technology-neutral approach. 

The final report may benefit from encouraging capability-based governance, periodic review 
of material AI risks and dependencies, horizon scanning of emerging risks and standards, 
and continued exploration of regulatory digital infrastructure to support assurance, 
supervisory visibility, interoperability and oversight of increasingly complex AI ecosystems. 

The final report may also benefit from recognising multi-agent interactions, shared 
dependencies and common infrastructure as potential sources of operational resilience, 
concentration and systemic risk, particularly where AI 

AUSCL considers that the proposed sound practices are sufficiently flexible to 
accommodate future technological developments. The report appropriately adopts a 
principles-based, risk-based and technology-neutral approach that focuses on governance 
outcomes rather than prescribing specific technical solutions. This approach is likely to 
remain effective as AI capabilities, deployment models and financial-sector use cases 
continue to evolve. 

AUSCL particularly supports the report's emphasis on proportionality, materiality, lifecycle 
management, continuous monitoring and organisational adaptability. These principles 
provide an appropriate foundation for managing both current AI systems and future 
developments, including increasingly autonomous, multimodal and interconnected AI 
systems. 

AUSCL notes that AI-related risks are evolving more rapidly than traditional technology 
risks. Future AI systems may differ substantially from current implementations in terms of 
autonomy, reasoning capability, tool use, interaction with other systems, integration with 
financial market infrastructure and operational scale. The final report should therefore 
encourage governance frameworks that can adapt over time without requiring frequent 
redesign. 

To strengthen future-proofing, AUSCL recommends that financial institutions periodically 
review and update: 
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• AI taxonomies and classification frameworks; 

• materiality and risk thresholds; 

• model and system inventories; 

• third-party and supply-chain dependencies; 

• concentration and substitutability assessments; 

• autonomy limits and authority controls; 

• human oversight arrangements; 

• testing methodologies; 

• performance metrics; and 

• incident and escalation criteria. 

Periodic review is particularly important because risks may emerge from changes in 
deployment context, vendor relationships, model capabilities, data sources or interactions 
between systems, rather than from the model itself. 

AUSCL notes that governance frameworks are more likely to remain effective over time 
when they focus on the capabilities, uses and impacts of AI systems rather than particular 
technologies, architectures or model types. A technology-neutral, capability-based 
approach enables institutions and supervisors to assess AI systems by reference to the 
decisions they may influence, the actions they may take, the stakeholders they may affect 
and the consequences that may follow if controls fail. This approach is consistent with 
emerging AI risk research, including the MIT AI Risk Repository, which organises risks by 
causal mechanisms and domains of harm rather than by specific technical implementations. 

Given the pace of technological, regulatory and standards development, institutions and 
supervisors may also benefit from maintaining regulatory intelligence and horizon-scanning 
capabilities. Monitoring emerging AI laws, standards, incidents, assurance methodologies 
and risk taxonomies can support adaptive governance, regulatory interoperability and more 
consistent supervisory practice. Resources such as ETO AGORA and the MIT AI Risk 
Repository may assist institutions and supervisors to track cross-jurisdictional developments 
and classify emerging AI risks, while preserving the FSB’s proportionate, risk-based and 
technology-neutral approach. 

AUSCL further recommends that future FSB work consider the role of regulatory digital 
infrastructure in supporting responsible AI adoption. 

Emerging approaches in computational law, machine-readable regulation and regulatory 
digital twins may assist both financial institutions and supervisors to translate high-level 
principles into operational controls, assurance processes and supervisory reporting. These 
approaches are being explored internationally through initiatives such as Rules as Code 
programs, digital legislative twin projects and machine-readable regulatory frameworks. 
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Potential benefits include: 

• greater consistency in implementation; 

• improved auditability and traceability; 

• more efficient compliance processes; 

• enhanced supervisory technology capabilities; 

• improved interoperability across jurisdictions; 

• better monitoring of systemic AI risks; and 

• more transparent assurance and reporting arrangements. 

AUSCL emphasises that regulatory digital infrastructure is best understood as a 
complement to, rather than a substitute for, principles-based regulation. Its value lies in 
improving the consistency, transparency and operationalisation of regulatory requirements 
while preserving the need for human judgement, supervisory discretion and risk-based 
decision-making. Over time, such approaches may support: 

• machine-readable AI inventories and assurance artefacts; 

• more consistent reporting schemas and supervisory indicators; 

• improved monitoring of AI adoption and concentration risk; 

• greater visibility of cross-border dependencies and third-party ecosystems; and 

• more effective oversight of operational resilience and digital financial infrastructure. 

AUSCL also notes the importance of distinguishing routine control measures from controls 
appropriate for high-consequence AI risks. For material AI use cases, governance 
arrangements may warrant: 

• enhanced oversight and escalation thresholds; 

• independent assurance; 

• scenario analysis and severe-but-plausible stress testing; and 

• additional controls where residual risk remains elevated. 

Accordingly, AUSCL supports the flexibility of the proposed sound practices and notes the 
potential value of adaptive governance, periodic review mechanisms and continued 
exploration of regulatory digital infrastructure as tools to support effective AI governance, 
supervision and regulatory interoperability over time. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence 
and Financial Stability; FSB 2023 Third-Party Risk Management Toolkit; OECD AI 
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Principles; NIST AI Risk Management Framework; ISO/IEC 42001 Artificial Intelligence 
Management Systems; ISO/IEC 23894 Artificial Intelligence Risk Management; 
CSIRO/Data61 Rules as Code research; Better Rules Initiative (New Zealand); Realta Logic 
work on digital legislative twins and computational regulation (see Annexure A) 

5. Do the case studies in this report sufficiently highlight how different types of financial 
institutions can benefit from responsible AI adoption? Are there additional case 
studies for inclusion in the report? If so, please provide such case studies, 
particularly for nonbanks. 

Recommendation summary 

AUSCL recommends that the FSB expand the case studies to include non-bank financial 
services, digital finance and systemic AI risks, including common dependencies on models, 
data providers, cloud services and other shared infrastructure. 

AUSCL considers that the case studies in the consultation report are useful, but necessarily 
selective. They help illustrate how responsible AI adoption can support financial institutions 
in areas such as customer service, compliance, fraud detection, operational efficiency and 
risk management. However, AUSCL considers that the case studies could be strengthened 
by including additional non-bank, cross-sector and digital-finance examples. 

This would be consistent with the FSB's stated intention that the sound practices apply to 
all types of financial institutions, not only banks. It would also assist the final report to 
address the increasingly interconnected nature of financial services, where banking, 
insurance, superannuation, payments, digital identity, custody, market infrastructure, fintech 
and regtech services may depend on common cloud, data, identity, AI and third-party 
service-provider ecosystems. 

AUSCL recommends that the FSB consider additional case studies in the following areas: 

• AI-assisted insurance claims triage, including explainability, fairness, complaints 
handling, vulnerable customers, human review and redress; 

• AI in superannuation member engagement, including retirement guidance, 
personalisation, consumer protection, data governance and the boundary between 
information and financial advice; 

• AI-enabled scams and fraud detection, including synthetic identity, mule accounts, 
deepfakes, phishing, transaction monitoring and cross-institution information sharing; 

• AI-assisted payments and digital identity verification, including authentication, biometric 
verification, verifiable credentials, privacy safeguards and fraud prevention; 

• AI governance in fintech and regtech providers, including model risk, data lineage, 
accountability, supervisory technology and outsourced compliance functions; 

• agentic AI in compliance operations, including delegated authority, escalation pathways, 
tool permissions, audit trails, rollback and incident response; and 



14 

• AI use in wholesale tokenised asset markets, including asset verification, automated 
compliance, settlement, custody, collateral management and market surveillance. 

AUSCL particularly recommends a case study on AI-enabled tokenised collateral or 
tokenised asset servicing. Such a case study would allow the FSB to examine how AI 
governance interacts with: 

• legal validity and enforceability; 

• asset provenance and verification; 

• custody and control; 

• settlement finality; 

• smart-contract design and failure modes; 

• digital identity and permissioning; 

• AML/CTF monitoring; 

• cyber security; 

• key management; 

• third-party dependencies; 

• operational resilience; and 

• cross-border legal and regulatory issues. 

This case study would be valuable because tokenised financial infrastructure can convert 
governance failures into operational, legal and settlement consequences. AI may improve 
verification, monitoring and automation, but it may also introduce new risks where 
automated systems affect legally significant transactions, custody arrangements, collateral 
processes or settlement workflows. 

Australian experience may be useful in this respect. APRA CPS 230 provides a cross-sector 
operational resilience and service-provider risk framework for APRA-regulated banking, 
insurance and superannuation entities. The Digital Finance Cooperative Research Centre 
and Reserve Bank of Australia's work on wholesale CBDC and tokenised asset markets 
provides practical insight into how digital finance infrastructure can raise interconnected 
issues of governance, operational resilience, settlement, identity, data and risk 
management. 

AUSCL notes that the practical value of case studies may be enhanced by distinguishing 
between three broad categories of AI use: 

• AI supporting internal institutional operations; 

• AI influencing customer-facing or customer-impacting decisions; and 
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• AI embedded within shared financial infrastructure, market utilities or third-party 
platforms. 

This distinction may assist institutions and supervisors to assess whether risks are primarily 
operational, customer-related, market-wide or systemic in nature, and to calibrate 
governance, assurance and oversight arrangements accordingly. 

Additional case studies of this nature may be particularly valuable for non-bank financial 
institutions, payment providers, Fintechs, Regtechs, digital asset service providers, market 
infrastructure operators and supervisory authorities overseeing emerging forms of digital 
financial infrastructure. 

AUSCL also notes the potential value of a case study addressing systemic AI risk and 
correlated behaviour. Such a scenario could explore the implications of multiple institutions 
relying on common foundation models, data providers, fraud-detection tools, cyber-security 
services or cloud infrastructure. While individual deployments may appear appropriately 
governed, common dependencies may contribute to correlated decision-making, 
concentration risk and common-mode failures, particularly during periods of market stress, 
cyber disruption or significant service-provider outages. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence 
and Financial Stability; FSB 2023 Third-Party Risk Management Toolkit; APRA CPS 230 
Operational Risk Management; Reserve Bank of Australia and Digital Finance Cooperative 
Research Centre materials on wholesale CBDC and tokenised asset markets; MAS Project 
Guardian materials; EU DLT Pilot Regime and Markets in Crypto-Assets Regulation (see 
Annexure A) 

6. Do the case studies in this report provide actionable insights for financial institutions 
in their responsible AI adoption?  

Recommendation summary 

AUSCL considers the case studies actionable and recommends a consistent structure 
covering use case, risks, controls, accountability, evidence, testing and supervisory 
relevance. 

Their value would be further enhanced through illustrative artefacts and scenario testing for 
higher-materiality AI use cases, agentic AI and tokenised financial infrastructure, while 
preserving the FSB’s risk-based and proportionate approach. 

AUSCL considers that the case studies are actionable, particularly where they illustrate AI 
inventories, performance testing, human oversight, cyber scenarios and third-party risk 
management. They are useful because they translate the proposed sound practices from 
general principles into practical implementation examples. 

Their utility would be further improved if each case study adopted a consistent 
implementation pattern. AUSCL recommends that each case study identify: 

• the relevant AI use case; 
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• the risk scenario; 

• affected stakeholders; 

• applicable sound practices; 

• control objectives; 

• accountable roles; 

• minimum evidence artefacts; 

• testing or validation methods; 

• escalation and incident pathways; 

• rollback, suspension or exit arrangements; and 

• supervisory relevance. 

This would assist financial institutions, boards, risk teams, auditors and supervisors to 
understand not only what responsible adoption means in principle, but what evidence should 
exist in practice. 

AUSCL recommends that the FSB include example artefact lists for common high-
materiality use cases. For example, a material GenAI use case may require: 

• business case and intended purpose statement; 

• materiality and risk assessment; 

• privacy or data protection assessment; 

• data lineage and data-permission record; 

• model card or system card; 

• prompt-control and prompt-management records; 

• explainability or compensating-control assessment; 

• testing and validation evidence; 

• cyber threat model; 

• human oversight design; 

• vendor due-diligence record; 

• contractual assurance record; 

• incident response plan; 
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• rollback or suspension plan; and 

• post-deployment monitoring dashboard. 

For agentic AI, the artefact list should also include evidence of identity, authority, 
permissioning, transaction limits, tool access, escalation pathways, non-repudiation, 
logging, revocation controls and severe-but-plausible scenario testing. 

For tokenised financial infrastructure or AI-enabled tokenised collateral management, 
AUSCL recommends that the case study include evidence artefacts addressing: 

• legal classification of the tokenised asset; 

• legal validity and enforceability analysis; 

• settlement asset assessment; 

• settlement finality arrangements; 

• smart-contract audit; 

• key-management evidence; 

• custody and control analysis; 

• participant permissioning; 

• digital identity and authentication controls; 

• AML/CTF monitoring; 

• operational resilience testing; 

• cyber incident playbooks; 

• third-party dependency mapping; and 

• exit, portability or unwind arrangements. 

This is important because in tokenised markets, AI governance failures may affect not only 
internal risk decisions but legally significant transactions, asset control, market conduct, 
custody, collateral enforcement and settlement outcomes. 

AUSCL notes that case studies may be most valuable where they illustrate how governance, 
assurance and oversight expectations vary according to the materiality and risk profile of an 
AI use case. Lower-risk uses may warrant proportionate documentation and monitoring, 
while higher-materiality uses may benefit from stronger assurance supported by evidence 
that the system remains lawful, secure, resilient and capable of being monitored, contested, 
paused or exited where necessary. 



18 

For higher-materiality AI systems, case studies may also assist by illustrating scenario 
analysis and severe-but-plausible stress testing, including model degradation, foundation-
model withdrawal, cloud outages, data poisoning, prompt-injection attacks, synthetic-
identity fraud, coordinated cyber incidents and failures affecting shared AI infrastructure. 

AUSCL further notes the potential value of illustrative artefacts, reference models or 
implementation examples. Such materials could support supervisory comparability and 
practical implementation while preserving the FSB's risk-based, proportionate and non-
prescriptive approach. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence 
and Financial Stability; FSB 2023 Third-Party Risk Management Toolkit; APRA CPS 230 
Operational Risk Management; APRA CPS 234 Information Security; NIST AI Risk 
Management Framework; ISO/IEC 42001 Artificial Intelligence Management Systems; 
ISO/IEC 23894 Artificial Intelligence Risk Management; MAS Veritas Framework; Reserve 
Bank of Australia and Digital Finance Cooperative Research Centre materials on wholesale 
CBDC and tokenised asset markets (see Annexure A) 

7. Are the definitions in the glossary clear and aligned with industry sound practices, 
including recent developments in AI?   

Recommendation summary 

AUSCL considers the glossary useful and recommends alignment with leading international 
sources, including OECD, ISO/IEC, NIST, the EU AI Act and relevant FSB, Basel, IOSCO 
and CPMI materials. 

The glossary would benefit from clearer distinctions and cross-references between key 
concepts.  Periodic review would support regulatory interoperability, supervisory 
comparability and consistent implementation while preserving the FSB’s principles-based, 
technology-neutral and risk-based approach. 

AUSCL considers that the glossary is useful and broadly aligned with current international 
terminology. Clear definitions are important because inconsistent use of terms such as “AI 
system”, “model”, “agentic AI”, “human oversight”, “explainability”, “transparency”, “third-
party dependency” and “criticality” can create implementation uncertainty for financial 
institutions and supervisory inconsistency across jurisdictions. 

AUSCL recommends that the FSB undertake a structured cross-check of the glossary 
against leading legislative, standards-based and policy sources, including: 

• EU Artificial Intelligence Act, Article 3; 

• ISO/IEC 22989:2022, Artificial intelligence concepts and terminology; 

• ISO/IEC 42001:2023, Artificial intelligence management system; 

• ISO/IEC 23894:2023, Artificial intelligence – Guidance on risk management; 

• OECD AI Principles and definition of “AI system”; 
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• OECD explanatory memorandum on updated AI system definition; 

• NIST AI Risk Management Framework and AI glossary; 

• Council of Europe Framework Convention on AI; 

• Australian Government Voluntary AI Safety Standard; 

• MAS FEAT Principles and Veritas materials; and 

• relevant FSB, Basel Committee, IOSCO and CPMI materials (see Annexure A – 
References for full citations) 

AUSCL does not recommend that the FSB simply adopt one source wholesale. Definitions 
serve different purposes. Legislative definitions allocate rights and obligations; technical 
standards support interoperability and assurance; supervisory definitions assist risk 
classification and reporting; and academic taxonomies assist horizon scanning. The 
glossary should therefore prioritise consistency where possible, while preserving definitions 
that are fit for financial-sector risk management. 

AUSCL notes that the glossary may be strengthened by distinguishing more clearly between 
closely related concepts while recognising that some terms may be relevant across multiple 
governance, risk and supervisory contexts. Where appropriate, cross-references between 
related terms may assist consistent interpretation and application across jurisdictions. 

In particular, the glossary may benefit from clearer distinctions between: 

• AI model and AI system; 

• developer, provider, deployer, user and affected stakeholder; 

• explainability, interpretability and transparency; 

• human-in-the-loop, human-on-the-loop and human-over-the-loop oversight; 

• agentic AI, AI-assisted decision support and multi-agent systems; 

• model risk, system risk, operational risk, systemic AI risk, common-mode failure and 
correlated model behaviour; 

• third-party risk, supply-chain risk and concentration risk; 

• data lineage, data provenance and data quality; and 

• material AI use case, critical operation, AI incident, AI assurance case, regulatory digital 
twin and regulatory intelligence. 

Clear definitions and cross-references would support more consistent interpretation, 
implementation and supervisory dialogue across institutions and jurisdictions. 
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Over time, supervisors and standard-setting bodies may also find value in exploring more 
structured approaches to terminology management, including machine-readable definitions, 
taxonomies and metadata models. Such approaches could support greater consistency 
across reporting, assurance, supervisory analytics and regulatory interoperability while 
preserving the technology-neutral and principles-based character of the sound practices. 

AUSCL notes that the glossary may also benefit from including selected terms relevant to 
emerging digital financial infrastructure where those concepts are used in AI-enabled 
financial services. Relevant examples include: 

• tokenised assets; 

• programmable settlement; 

• digital identity; 

• verifiable credentials; 

• smart contracts; 

• custody and key management; and 

• settlement finality. 

Given the pace of change in AI and digital finance, AUSCL also notes the value of 
maintaining the glossary as a periodically reviewed reference. This would support: 

• regulatory interoperability; 

• supervisory comparability; 

• consistent implementation of the sound practices; and 

• greater clarity as terminology evolves in areas such as foundation models, agentic AI, 
multimodal systems, synthetic data, embeddings, AI incidents and AI supply-chain 
dependencies. 

AUSCL would be pleased to contribute to any future work on glossary development, 
terminology harmonisation or related research. A practical approach may include: 

• mapping glossary terms against OECD, ISO/IEC, NIST and relevant financial-sector 
sources; 

• identifying material divergences and areas requiring clarification; 

• flagging terms that may require financial-sector-specific treatment; and 

• maintaining a glossary change log to support future revisions. 

Such an approach could assist in promoting greater consistency across jurisdictions while 
preserving the FSB's principles-based, technology-neutral and risk-based approach. 
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8. Are there any comments you would like to make on this report? Please fill in.  

Please refer to our full written submission made via email. It includes Annexures, tables and 
other supporting material. 

Part B – Additional recommendations 

B1   Regulatory digital twins and digital regulatory infrastructure 

Recommendation summary 

AUSCL recommends that the FSB monitor developments in regulatory digital infrastructure, 
regulatory digital twins, Rules as Code and computational law as practical mechanisms for 
improving implementation, assurance, supervisory visibility and interoperability. A 
proportionate first step could be an exploratory pilot focused on material AI use cases to 
assess whether structured implementation artefacts enhance consistency and oversight 
without creating additional regulatory burden. 

AUSCL recommends that the FSB consider regulatory digital infrastructure as an 
implementation mechanism for responsible AI adoption, either in the final report or as a 
future workstream. This would preserve the principles-based nature of the sound practices 
while assisting institutions and supervisors to implement, monitor and evidence existing 
governance expectations more consistently and transparently. 

Material AI use cases may engage multiple obligations simultaneously, including operational 
resilience, information security, privacy, outsourcing and third-party risk, consumer 
protection, digital identity, record keeping, incident management and market conduct. As AI 
adoption expands across complex technology and service-provider ecosystems, institutions 
may require more structured ways to demonstrate how these obligations are identified, 
implemented, monitored and assured. 

For this purpose, a regulatory digital twin may be understood as a structured, machine-
readable representation of relevant obligations, supervisory expectations, controls, 
evidence artefacts and decision pathways, mapped to an institution’s systems, processes, 
products and third-party dependencies. Its value lies in improving operationalisation, 
traceability and assurance. It does not replace legislation, legal interpretation, supervisory 
judgement, regulatory discretion, merits review, legal advice or institutional accountability. 

Regulatory digital infrastructure may support financial institutions through: 

• AI inventories and use-case registries; 

• obligation and control mapping; 

• governance workflows and approval gates; 

• testing, validation and assurance artefacts; 

• incident management and escalation processes; and 
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• monitoring of third-party, supply-chain and concentration risks. 

For supervisors and regulatory authorities, it may support: 

• more consistent supervisory and regulatory reporting; 

• improved comparability across institutions; 

• enhanced supervisory technology and regulatory analytics; 

• monitoring of AI adoption trends and material use cases; 

• identification of concentration, dependency and common-mode risks; 

• monitoring of systemic vulnerabilities; and 

• aggregation of supervisory intelligence across sectors and jurisdictions. 

This capability may be particularly valuable for cross-border institutions, where AI use cases 
often engage overlapping privacy, cybersecurity, operational resilience, outsourcing, 
secrecy, lawful-access, data-transfer and third-party risk obligations. Structured obligation 
and control mapping may assist institutions and supervisors to understand how those 
obligations interact across cloud environments, model providers, service providers and 
jurisdictions. 

Regulatory digital infrastructure may also strengthen accountability and assurance by 
creating traceability between: 

• regulatory principles; 

• legal obligations; 

• institutional policies; 

• technical controls; 

• operational processes; and 

• assurance evidence. 

Such traceability can improve transparency, auditability and supervisory visibility, 
particularly as AI systems become more autonomous, interconnected and embedded within 
critical financial services. 

AUSCL does not propose that the FSB develop a comprehensive digital regulatory 
framework. A proportionate first step could be an exploratory pilot focused on material AI 
use cases in financial services, examining how the sound practices map to domestic 
obligations and whether structured implementation artefacts improve consistency, 
assurance and supervisory visibility without creating unnecessary regulatory burden. 
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There is now substantial practical activity in machine-readable regulation, Rules as Code, 
computational law and regulatory digital twins. Relevant Australian examples include 
CSIRO Data61’s work on Regulation as a Platform and Rules as Code, and Realta Logic’s 
regulatory digital twin approach. These initiatives demonstrate how regulatory requirements 
can be connected to implementation artefacts, assurance evidence and operational 
workflows without reducing legal obligations to software code. 

AUSCL further notes that regulatory digital infrastructure is most effective when linked to 
regulatory intelligence and horizon scanning, so that obligation maps, AI inventories and 
supervisory artefacts remain current against evolving laws, standards, guidance, incidents 
and recognised risk taxonomies. 

AUSCL therefore recommends that the FSB monitor developments in regulatory digital 
infrastructure, regulatory digital twins, Rules as Code and computational law as part of future 
work on AI governance, supervisory interoperability and financial-system resilience. The 
value of these approaches lies not in replacing regulatory judgement, but in improving 
implementation, assurance, supervisory visibility and interoperability across increasingly 
complex financial and technological ecosystems. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence 
and Financial Stability; FSB 2023 Third-Party Risk Management Toolkit; CSIRO Data61 
work on Regulation as a Platform and Rules as Code; OECD work on Rules as Code and 
digital government; Better Rules Initiative (New Zealand); research in computational law and 
legal informatics; Realta Logic materials concerning regulatory digital twins and digital 
regulatory infrastructure (see Annexure A) 

B2   Cross-border data movement, privacy, cybersecurity and sovereignty 

Recommendation summary 

AUSCL recommends that the FSB recognise cross-border data, privacy, cybersecurity, 
sovereignty and operational-control risks as interconnected elements of responsible AI 
adoption. 

For material AI use cases, sound practices may encourage proportionate governance of 
data access, third-party dependencies, lawful-access risks, encryption controls, audit rights 
and exit arrangements, particularly where AI supports critical services or financial 
infrastructure. 

AUSCL recommends that the FSB recognise cross-border data movement, privacy, 
cybersecurity, sovereignty and operational-control risks as interconnected elements of 
responsible AI adoption in financial services. 

Modern AI deployments often rely on distributed ecosystems involving cloud providers, 
foundation model providers, data vendors, digital identity services, software supply chains, 
managed service providers and offshore support arrangements. For material AI use cases, 
institutions may benefit from assessing: 

• where data, prompts, embeddings, logs, outputs and derived data are stored, processed 
or accessed; 
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• who may access those assets, under what authority and for what purpose; 

• whether customer, confidential or proprietary information may be used for training, fine-
tuning, monitoring, evaluation or product improvement; 

• whether providers, affiliates or subcontractors are subject to foreign lawful-access, 
disclosure or secrecy regimes; 

• how encryption keys are controlled and whether effective control over sensitive 
information is retained; 

• whether audit, assurance, monitoring and incident-notification rights remain effective 
across cross-border service arrangements; 

• whether data-transfer, retention and deletion requirements can be demonstrated and 
independently verified; and 

• whether exit, portability, substitutability and business-continuity arrangements are 
realistic for critical AI services. 

These considerations are particularly relevant where AI supports critical business services, 
customer-facing decisions, fraud and scams detection, digital identity, payments, trading, 
market infrastructure, tokenised assets or other functions with prudential, operational 
resilience or financial-stability implications. 

This recommendation aligns with the FSB's existing work on third-party risk management 
and AI-related vulnerabilities, including concentration risk, substitutability, supply-chain 
dependencies, operational interconnectedness and oversight of critical service providers. It 
is also consistent with domestic frameworks such as APRA CPS 230, APRA CPS 234, 
Australian Privacy Principle 8, the Digital ID Act 2024 and broader cyber resilience, critical 
infrastructure and third-party risk initiatives. 

AUSCL does not advocate data localisation requirements or restrictions on legitimate cross-
border operations. Rather, AUSCL recommends that the sound practices recognise cross-
border data and operational-control risks as matters requiring proportionate governance, 
transparency, evidence and assurance for material AI use cases. The objective is 
accountable, resilient and trustworthy cross-border AI adoption while avoiding unnecessary 
fragmentation of financial services, technology ecosystems or innovation. 

Useful references: FSB 2023 Third-Party Risk Management Toolkit; FSB 2025 Report on 
Artificial Intelligence and Financial Stability; APRA CPS 230 Operational Risk Management; 
APRA CPS 234 Information Security; Australian Privacy Principle 8; Digital ID Act 2024; 
OECD AI Principles; NIST AI Risk Management Framework (see Annexure A)
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Response to the  

Financial Stability Board Consultation 

Sound Practices for Responsible Adoption of Artificial 
Intelligence 

22 June 2026 

 

AUSCL 
The Australasian Society for Computers and Law (AUSCL) is a multidisciplinary association bringing together 
professionals from law, technology, government, academia and industry to advance the responsible development, 
governance and regulation of digital technologies. 

AUSCL contributes to public policy, professional education and thought leadership across areas including artificial 
intelligence, privacy, cyber security, digital identity, computational law, digital government, critical infrastructure, 
financial technology and emerging technologies. 

Overall assessment 
The Financial Stability Board’s (FSB) consultation report (Report) is strong. It reflects a clear progression in FSB 
thinking from horizon scanning in 2017, to third-party and operational dependency risk in 2023, to monitoring 
vulnerabilities in 2025, and now to a practical menu of sound practices for responsible adoption of AI by financial 
institutions. 

The Report addresses many first-generation AI governance concerns. The focus of AUSCL’s submission is to 
identify implementation-oriented improvements in areas where financial institutions and supervisors will need 
more precision as AI becomes embedded in critical operations, customer decision-making, cyber defence, trading, 
compliance, payments and digital finance infrastructure. 

For context and comparison, AUSCL has reviewed selected existing frameworks that may inform the Report and its 
recommendations. A high-level summary of that review is provided in Annexure B for reference only. AUSCL would 
be pleased to provide further detail or discuss the comparative materials if that would assist the FSB. 

Executive position 
AUSCL welcomes the Financial Stability Board's consultation report on Sound Practices for Responsible Adoption 
of Artificial Intelligence. AUSCL supports the FSB's risk-based, proportionate and technology-neutral approach. 
The proposed sound practices provide a useful and practical foundation for financial institutions as they adopt AI, 
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including generative AI and agentic AI, in a manner consistent with sound governance, operational resilience and 
financial stability. 

AUSCL considers that the final report would be strengthened by a small number of targeted additions. These 
additions are directed to implementation, assurance and regulatory interoperability, rather than to the creation of a 
prescriptive international standard. 

Responsible AI adoption should ultimately be assessed not only by operational efficiency, cost reduction or 
automation outcomes, but also by whether AI systems improve human decision-making, preserve human agency, 
support accountability and enhance outcomes for customers, employees and markets. Human oversight should 
be understood not merely as a control mechanism, but as a means of maintaining judgement, responsibility and 
public trust. 

AUSCL recommends that the FSB place greater emphasis on: 

• legal accountability, customer-facing transparency and effective redress for AI-assisted decisions; 
• privacy, data protection, data provenance and permitted-use controls across the AI lifecycle; 
• agentic AI governance, including autonomy limits, tool permissions, escalation thresholds and kill-switch 

or graceful degradation mechanisms; 
• Systemic AI risk, including concentration risk, correlated model behaviour, common dependencies, 

procyclical outcomes and market-wide feedback effects; 
• AI-specific third-party and supply-chain assurance, including cloud, foundation-model, data-provider, 

open-source and embedded-AI dependencies; 
• machine-readable AI inventories, standardised assurance artefacts and supervisory reporting schemas; 
• regulatory digital twins and digital regulatory infrastructure to improve operationalisation of AI governance 

obligations across jurisdictions; and 
• additional non-bank case studies, including insurance, superannuation, payments, fintech, scams/fraud, 

digital identity and tokenised asset markets. 
 
AUSCL recommends that the final report recognise cross-border data movement, privacy, cybersecurity, 
sovereignty and operational-control risks as interconnected elements of responsible AI adoption in financial 
services. AI systems are increasingly delivered through distributed cloud, foundation-model, data, identity and 
analytics ecosystems. 
 
For material AI use cases, governance arrangements may benefit from consideration of data location, offshore 
access, subcontractor chains, encryption-key control, lawful-access risks, cross-border data-transfer safeguards, 
audit rights, and the feasibility of exit, portability and substitutability arrangements. These considerations are 
particularly relevant where AI supports critical operations, customer-facing decisions, fraud detection, payments, 
digital identity, tokenised assets or operational resilience functions. 
 
The FSB has previously recognised that tokenisation may become relevant to financial stability where it increases 
scale, complexity, interconnectedness or opacity. Accordingly, references to tokenisation within the sound 
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practices may be most relevant where AI systems are used to initiate, validate, price, monitor, settle or supervise 
activity within tokenised markets and related financial infrastructure. 
 
AUSCL does not propose broadening the report into a general discussion of digital assets or crypto-assets. Rather, 
AUSCL notes that, as AI becomes embedded within tokenised asset markets, programmable settlement, digital 
identity ecosystems, compliance automation and market surveillance, AI governance increasingly becomes a 
component of the operational integrity, resilience and trustworthiness of digital financial infrastructure. 

Summary of priority AUSCL recommendations 
AUSCL recommends that the FSB: 

1. (Support the overall approach) Retain the risk-based, proportionate and non-binding character of the 
sound practices. Continue to frame the practices as practical guidance for responsible AI adoption, rather 
than prescriptive technology regulation. 

2. (Strengthen governance of agentic AI) Treat identity, authorisation, delegated authority and 
permissioning as core controls for agentic AI in financial services, particularly where AI agents can act 
through APIs, workflow tools, payment systems, trading systems or digital asset infrastructure.  Address 
agentic AI controls for tool permissions, memory, logging, escalation, rollback, kill switches, revocation of 
privileges and non-repudiation. 

3. (Move from documentation to assurance) Encourage high-materiality AI systems to be supported by 
assurance cases and evidence packs, not merely policies, principles or model documentation. Evidence 
packs could include model cards, system cards, testing evidence, data lineage records, cyber threat 
models, privacy assessments, human oversight design, incident playbooks and third-party assurance 
material. 

4. (Recognise legal accountability, privacy and redress) More expressly recognise legal accountability, 
privacy, data protection, consumer redress and automated decision-making rights as relevant to 
responsible AI adoption in financial services. Include contestability, explanation, review and correction 
mechanisms for customer-facing or customer-impacting AI systems. 

5. (Clarify board and senior management expectation) Encourage board-approved AI risk appetite 
statements, including prohibited uses, high-risk use-case criteria and autonomy thresholds for agentic AI. 
Require clear accountable ownership for material AI use cases across business, legal, privacy, cyber, data, 
risk, compliance and third-party management functions. 

6. (Improve AI inventories and assurance artefacts) Encourage machine-readable AI inventories for 
material AI use cases. Promote common assurance artefacts and reporting schemas to support 
implementation, auditability, supervisory comparability and cross-border interoperability. 
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7. (Strengthen privacy, cross-border data and sovereignty controls) Make privacy and data protection 
more explicit in the sound practices on data governance and third-party AI risk management. Address 
cross-border data movement, including offshore access, onward transfers, subcontractor chains, data 
residency, encryption-key control, lawful-access risk, audit rights, deletion or return of data, portability and 
substitutability. 

8. (Address systemic AI risk and correlated behaviour) Encourage supervisors and financial institutions to 
assess risks arising from widespread adoption of similar foundation models, data sources, optimisation 
techniques and AI service providers. Independent deployment decisions may nonetheless produce 
correlated behaviours, common-mode failures, concentration risk, market-wide feedback effects and 
procyclical outcomes. Supervisory frameworks should therefore consider model concentration, common 
dependencies, correlated decision pathways, synchronised market responses and AI-related systemic 
vulnerabilities. 

9. (Address AI supply-chain and concentration risk) Extend third-party risk analysis beyond traditional 
outsourcing to cover layered AI supply chains, including cloud providers, foundation models, APIs, data 
providers, open-source dependencies, market data, digital identity, custody, wallet, settlement and 
tokenisation infrastructure. Encourage supervisors to monitor stack-level concentration and correlated 
dependencies across the AI and digital finance ecosystem. 

10. (Link AI governance to digital finance and tokenisation) Cross-reference relevant FSB work on 
tokenisation, digital assets and third-party risk where AI systems are used in tokenised asset markets, 
digital money, programmable settlement, custody, compliance or market-surveillance functions. Include 
consideration of legal validity, custody, settlement finality, smart-contract controls, key management, 
AML/CTF monitoring and operational resilience. 

11. (Develop financial-sector-specific transparency tools) Support financial-sector-specific model cards 
and system cards, recognising that generic AI transparency tools may not address risks particular to 
financial institutions, customers, markets, prudential obligations and financial stability. 

12. (Expand case studies) Add non-bank and cross-sector case studies, including insurance, superannuation, 
payments, fintech, regtech, scams and fraud detection, digital identity, agentic compliance operations and 
tokenised financial markets. 

13. (Consider regulatory digital infrastructure) Establish a future workstream on regulatory digital twins, 
machine-readable obligations and digital regulatory infrastructure to support implementation, supervisory 
reporting, cross-border interoperability and monitoring of systemic AI dependencies. 



 
 
 

5 
 

 

Part A - Responses to consultation questions 

AUSCL has identified a range of reference materials that may assist the FSB in its consideration of the issues 
addressed in this consultation. These are noted in each section with a full list of references and are set out in 
Annexure A. 

Question 1: Benefits and risks 

Recommendation summary 
The final report retain the FSB’s balanced treatment of AI benefits and risks, while more expressly recognising risk 
prioritisation, privacy and data protection, contestability and redress, agentic AI delegation, AI-enabled fraud, 
systemic correlated behaviour, cross-border data movement and the interaction between AI and emerging digital 
financial infrastructure. 

For material AI use cases, sound practices could place greater emphasis on accountable control ownership, 
proportionate assurance, and ecosystem-level assessment across cloud, model, data, identity, custody, market 
infrastructure and third-party dependencies. 

 

AUSCL broadly agrees with the benefits and risks described in the consultation report. The FSB appropriately identifies 
that AI may improve efficiency, innovation, customer service, regulatory compliance, risk management and cyber 
defence, while also introducing or amplifying risks relating to model governance, data quality, explainability, human 
oversight, cyber and ICT risk, third-party dependency, consumer protection, market conduct and emerging forms of 
GenAI and agentic AI risk. 

These observations are consistent with the FSB’s earlier work. In 2017, the FSB identified benefits from AI and 
machine learning in credit decisions, compliance, supervision and fraud detection, while also recognising risks 
relating to third-party dependency, interconnectedness, lack of interpretability, auditability, privacy, conduct and 
cybersecurity. In 2023, the FSB’s third-party risk toolkit addressed critical services, concentration, substitutability, 
supply chains, business continuity and exit strategies. In 2025, the FSB’s AI monitoring report highlighted that 
authorities’ AI monitoring remains at an early stage and that third-party dependencies, market correlations, cyber 
risks, and model governance remain difficult to monitor due to data availability, transparency and definitional 
challenges. 

AUSCL further recommends that the FSB encourage institutions and supervisors to adopt explicit AI risk-
prioritisation methods. Risk management should not treat all AI risks as equivalent. Prioritisation should consider 
severity, likelihood, affected stakeholders, systemic consequences and who has practical capability to mitigate 
the risk. 
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Structured taxonomies, including the MIT AI Risk Repository, may assist supervisors and institutions to identify and 
compare risk domains consistently without turning the sound practices into a prescriptive taxonomy. 

AUSCL recommends that the final report more expressly recognise five under-emphasised risks: 

1. (Privacy and data protection risk) AI risk is not limited to poor data quality. It may arise from excessive 
collection, unclear authority to use data, secondary use, sensitive-attribute inference, retention, prompt 
and log capture, embeddings, cross-border processing and use of customer data for training or fine-tuning. 
AI deployment is not exempt from the application of privacy laws, and privacy compliance risk must be 
factored into AI risk assessments. 

2. (Contestability and redress) Customer-facing or customer-impacting AI decisions may require clear 
pathways for explanation, review, correction and redress, even where a human oversight process exists. 

3. (Agentic AI and delegated authority) Agentic AI may create risks of unauthorised delegation, tool misuse, 
API misuse, identity misuse, automated transaction execution and downstream operational disruption. 

4. (AI-enabled fraud and trust degradation) Deepfakes, synthetic identity, voice cloning, AI-enabled 
phishing, market manipulation, disinformation and scams may erode trust in financial institutions and 
become financial-stability-relevant where amplified through digital channels. 

5. (Systemic and correlated AI risk) Financial institutions may independently adopt similar foundation 
models, data sources, optimisation techniques and AI providers. While individual deployments may 
appear appropriately governed, widespread adoption may create common-mode failures, concentration 
risk, correlated decision-making, market-wide feedback effects and systemic vulnerabilities. 

AUSCL also recommends that cross-border data movement be treated as a distinct AI risk vector. Financial 
institutions increasingly use AI systems that process customer, transaction, behavioural, biometric, device, risk, 
market and operational data across multiple jurisdictions and providers. The relevant risk is not only where data is 
stored, but: 

• who may access it; 
• whether it may be used for model training, fine-tuning or evaluation under applicable laws; 
• which subcontractors or affiliates may process it; 
• which foreign laws may compel access; 
• how encryption keys are controlled; 
• whether prompts, logs, embeddings and outputs are retained; 
• whether data transfer is permitted under applicable privacy laws; 
• whether data transfer safeguards are effective; and 
• whether the institution can evidence continuing compliance with privacy, secrecy, confidentiality and 

prudential obligations. 
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The final report may benefit from recognising that responsibility for managing material AI risks is most effectively 
allocated to the actors with the greatest ability to understand, influence and control those risks. 

In financial services, customers, employees, investors and other affected stakeholders may experience the 
consequences of AI failures without meaningful visibility of, or influence over, the underlying models, data, 
infrastructure or third-party dependencies. 

Accordingly, sound practices could place particular emphasis on clear accountability, effective control ownership 
and appropriate governance across financial institutions and, where relevant, their AI, cloud, data and 
infrastructure providers, rather than relying predominantly on end-user caution, consent mechanisms or generic 
disclosure. 

Finally, AUSCL notes that AI adoption is occurring alongside broader digital finance transformation, including 
tokenisation of real-world assets, programmable financial instruments, digital identity, verifiable credentials, 
automated compliance, digital custody and distributed market infrastructure. AI may improve asset verification, 
compliance monitoring, fraud detection, market surveillance, reconciliation, collateral management and servicing 
of tokenised assets. However, these benefits are accompanied by risks involving legally significant automated 
transactions, smart-contract defects, key-management failure, data-permission errors, correlated model 
behaviour, custody failures and settlement incidents. 

AUSCL therefore recommends that the final sound practices expressly recognise the interaction between AI 
adoption and emerging digital financial infrastructure. Responsible AI adoption should be assessed not only at the 
level of the individual model or financial institution, but also across the broader ecosystem of cloud infrastructure, 
AI models, APIs, data providers, identity infrastructure, digital asset platforms, custody providers and market 
infrastructure. 

Useful references: FSB 2026 consultation report; FSB 2025 AI monitoring report; FSB 2023 third-party risk toolkit; FSB 2017 AI/ML 
financial stability report, MIT AI Risk Repository; MIT FutureTech, Prioritization of Risks from Artificial Intelligence: A Delphi Study of 272 
International Experts; ETO AGORA; ISO/IEC 42001; ISO/IEC 23894; ISO/IEC 38507; ISO/IEC 5338; ISO/IEC 5259 series; OECD AI 
Principles; UNESCO Recommendation on the Ethics of Artificial Intelligence; Basel Committee, Principles for Operational Resilience 
(see Annexure A) 

Question 2: Comprehensiveness and clarity of the sound practices 

Recommendation summary 
AUSCL supports the structure and clarity of the proposed sound practices, including the distinction between 
organisation-wide governance and AI lifecycle management. 

AUSCL recommends targeted refinements to improve implementation: distinguish documentation from evidence-
based assurance; maintain machine-readable AI inventories for material use cases; use common assurance 
artefacts and reporting schemas; map accountable ownership across business, technology, legal, privacy, cyber, 
risk, compliance and third-party functions; and maintain proportionate cross-border data and access maps. 
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These refinements would support auditability, supervisory comparability, regulatory interoperability and practical 
implementation without altering the FSB’s risk-based, proportionate and non-prescriptive approach. 

 

AUSCL considers the sound practices to be comprehensive and clear in their overall structure. The distinction between 
organisation-wide AI governance and AI lifecycle management is helpful, and the framing of the sound practices as a 
proportionate menu rather than binding rules is appropriate. 

AUSCL also supports the FSB’s emphasis on governance, accountability, documentation, materiality assessment, 
data governance, explainability, performance management, human oversight, cyber and ICT risk, and third-party 
risk. These themes are consistent with the FSB’s earlier work on AI and machine learning, third-party risk 
management, and monitoring AI-related vulnerabilities in the financial sector. 

AUSCL recommends five refinements to improve implementation: 

1. (Clearly distinguish between documentation and assurance) First, AUSCL recommends the final sound 
practices more clearly distinguish between documentation and assurance. Documentation records what 
has been done. 
Assurance provides evidence that the AI use case is fit for purpose, operates within approved risk appetite, 
and can be monitored, contested, paused or exited when required. For high-materiality AI systems, 
documentation should support an evidence-based and continuous assurance case: a structured 
argument, supported by verifiable evidence, measurable controls and ongoing monitoring, demonstrating 
that the AI system is sufficiently safe, reliable, secure, lawful and governable for its intended use. This 
approach avoids treating policies, principles or attestations as substitutes for evidence of control 
effectiveness. 
Accountability maps should identify ownership of AI systems, risks, controls, assurance activities and 
decision authorities across business, technology, legal, privacy, cyber, risk, compliance, third-party 
management and operational functions. This would help boards, senior management, auditors and 
supervisors understand who is accountable for lifecycle controls and escalation decisions. 
 

2. (Maintain machine-readable inventories) Secondly, AUSCL recommends that financial institutions 
maintain machine-readable AI inventories for material AI use cases. These inventories should identify, in a 
proportionate manner: 

o the AI use case and business owner; 
o intended purpose and prohibited uses; 
o materiality and risk classification; 
o model or system provider; 
o data sources and data lineage; 
o affected customers, markets or functions; 
o human oversight arrangements; 
o testing and monitoring evidence; 
o third-party dependencies; 



 
 
 

9 
 

 

o cyber and operational resilience controls; and 
o pause, rollback, exit and incident escalation arrangements. 
 

3. (Use standard AI assurance artefacts) Thirdly, AUSCL recommends the use of standard AI assurance 
artefacts. These may include model cards, system cards, data lineage records, AI impact assessments, 
risk assessments, decision logs, testing evidence, monitoring reports, third-party assurance packs, audit 
logs and board or management attestations. Common assurance artefacts would assist institutions, 
boards, auditors and supervisors to assess AI use consistently without requiring a prescriptive one-size-
fits-all model. 
 

4. (Common reporting schemas) Fourthly, AUSCL recommends that the FSB and relevant standard-setting 
bodies consider common reporting schemas for material AI use cases. Consistent, machine-readable 
schemas would reduce fragmentation, support supervisory technology, and assist authorities to monitor AI 
adoption, third-party concentration, model dependencies, cyber exposure and systemic risk indicators 
across institutions and jurisdictions. 
The final report could also identify existing international standards that provide implementation guidance 
without making them mandatory, including ISO/IEC 42001, ISO/IEC 23894, ISO/IEC 38507, ISO/IEC 5338 
and the ISO/IEC 5259 series for data quality in analytics and machine learning. 
 

5. (Maintenance of cross-border data and access map) AUSCL further recommends that, for material AI 
use cases, financial institutions maintain a cross-border data and access map. This map should identify, 
where relevant: 

o categories of data used; 
o data provenance; 
o data location; 
o overseas recipients; 
o subcontractors and affiliates; 
o model, cloud and infrastructure providers; 
o permitted uses and prohibited uses; 
o retention and deletion rules; 
o prompt, input, output and log handling; 
o restrictions on training, fine-tuning or evaluation; 
o encryption-key arrangements; 
o audit and access rights; 
o incident notification pathways; and 
o exit, deletion and portability requirements. 

This should be proportionate to the materiality, autonomy, sensitivity and criticality of the AI use case. It 
should not become a rigid compliance template. Its purpose is to make data, access and accountability 
arrangements visible, auditable and governable. 
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These refinements would strengthen the practical utility of the sound practices while remaining consistent with the 
FSB’s risk-based and proportionate approach. They would also support regulatory interoperability across 
jurisdictions by encouraging common evidence, common terminology and common assurance expectations for 
material AI systems. 

Useful references: FSB 2026 consultation report; FSB 2025 AI monitoring report; FSB 2023 third-party risk toolkit; FSB 2017 AI/ML 
financial stability report, ISO/IEC 42001, ISO/IEC 23894, ISO/IEC 38507, ISO/IEC 5338 and the ISO/IEC 5259 series (see Annexure A) 

Question 3: Balance between all AI and GenAI / agentic AI 

Recommendation summary 
AUSCL supports the FSB’s technology-neutral approach and recommends a stronger focus on agentic AI, where 
governance challenges extend beyond model performance to identity, authority, permissions and accountability. 

The final report may also benefit from recognising multi-agent interactions, shared dependencies and common 
infrastructure as potential sources of operational resilience, concentration and systemic risk, particularly where AI 
systems are integrated with critical financial services and market infrastructure. 

 

AUSCL considers that the report strikes a broadly appropriate balance between AI generally and emerging forms of AI, 
including generative AI and agentic AI. The report appropriately recognises that many governance, risk management and 
operational resilience principles apply across all AI systems, while also identifying risks that are particularly relevant to 
GenAI and agentic AI, including prompt injection, data poisoning, jailbreaking, cyber vulnerabilities, autonomy, 
contestability and human oversight. 

AUSCL supports the FSB's decision not to create a separate governance framework for GenAI or agentic AI. A 
principles-based and technology-neutral approach is more likely to remain effective as AI capabilities evolve. The 
core governance, accountability, risk management and assurance principles described in the report should 
continue to apply irrespective of the underlying technology. 

However, AUSCL recommends that the final report more clearly distinguish between: 

• AI systems that support or inform human decision-making; 
• AI systems that generate content, analysis or recommendations; and 
• Agentic AI systems that can act through tools, APIs, workflow systems, software environments or other 

agents. 

The distinction is important because the governance challenge changes when an AI system can initiate actions 
rather than merely provide information. 

For agentic AI, the primary governance question is not simply model performance, but the management of 
authority, identity, permissions and accountability. 
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AUSCL therefore recommends that the final report place greater emphasis on governance controls for agentic 
systems, including: 

• identity management; 
• authentication and authorisation; 
• delegated authority; 
• tool and API permissions; 
• transaction limits; 
• segregation of duties; 
• dual-control mechanisms; 
• objective-setting and constraint management; 
• escalation pathways; 
• monitoring and supervision; 
• non-repudiation; 
• logging and auditability; 
• rollback and recovery mechanisms; and 
• revocation of agent privileges. 

These controls are well established in financial services governance and operational risk management and should 
be adapted to AI agents that may interact with critical systems. 

For high-materiality or critical operations, AUSCL recommends that financial institutions undertake testing of 
agentic AI under severe but plausible scenarios, including: 

• compromised tools or APIs; 
• inaccurate or malicious instructions; 
• conflicting objectives; 
• data leakage; 
• unauthorised transactions; 
• privilege escalation; 
• manipulation by external actors; 
• cascading operational failures; 
• disruption of critical business services; 
• interactions between multiple AI agents; and 
• multi-agent and cross-institution interaction scenarios, including conflicting objectives, cascading 

failures, agent-to-agent interactions, shared dependencies, collusive or manipulative behaviour and loss 
of shared situational awareness across interconnected financial systems. 

Such testing is conceptually consistent with operational resilience and scenario-testing approaches already 
adopted in many jurisdictions and reflected in prudential frameworks such as APRA CPS 230. 
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AUSCL notes that, as AI ecosystems mature, material risks may increasingly arise from interactions between 
multiple autonomous systems operating within and across organisational boundaries. While individual systems 
may be appropriately governed in isolation, their interaction may give rise to emergent behaviours, conflicting 
objectives, cascading failures, correlated decision-making and unforeseen vulnerabilities. 

Governance frameworks may therefore benefit from considering agent-to-agent interactions, shared dependencies 
and systemic effects across trading, payments, compliance, fraud detection, digital identity, tokenised markets 
and third-party service environments. Such considerations are particularly relevant where multiple institutions rely 
on common models, data sources, infrastructure providers or AI services, potentially creating concentration risk, 
common-mode failures and broader financial-stability implications. 

AUSCL recommends that the final report more explicitly recognise the relationship between agentic AI, operational 
resilience and cybersecurity. The increasing integration of AI agents with payment systems, trading systems, digital 
identity services, customer platforms, workflow tools and market infrastructure means that failures may have 
operational consequences extending beyond the performance of an individual model. 

Cross-border and sovereignty considerations also warrant greater attention in the context of agentic AI. Where an 
AI agent can access accounts, datasets, APIs, payment systems, trading platforms, customer records, digital 
identity services or workflow tools, institutions should be able to demonstrate: 

• the agent's identity; 
• its authorised scope of activity; 
• applicable jurisdictional constraints; 
• data-access permissions; 
• geographic or provider restrictions; 
• escalation pathways; 
• logging and audit controls; 
• supervisory oversight arrangements; and 
• mechanisms for suspension or revocation of authority. 

These controls help ensure that technical autonomy does not circumvent legal accountability, privacy safeguards, 
outsourcing controls, prudential obligations or operational-resilience requirements. 

Finally, AUSCL notes that agentic AI may become increasingly relevant to emerging forms of digital finance, 
including tokenised assets, programmable financial instruments, digital identity ecosystems, automated 
compliance functions and distributed financial market infrastructure. As these capabilities mature and become 
more deeply embedded within financial services, governance frameworks may benefit from focusing not only on 
the behaviour of individual models or agents, but also on the interactions between autonomous systems, financial 
institutions, customers, market infrastructure and third-party service providers. Particular attention may be 
warranted where such interactions create complex dependency chains, concentration risk, common-mode 
failures, operational resilience challenges or broader financial-stability implications that may not be apparent 
when systems are assessed in isolation. 
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In summary, AUSCL supports the FSB's balanced approach while recommending a stronger focus on the 
governance of identity, authority, permissions and accountability as the defining risk-management challenge for 
agentic AI. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence and Financial Stability; FSB 2023 Third-
Party Risk Management Toolkit; APRA CPS 230 Operational Risk Management; NIST AI Risk Management Framework; ISO/IEC 42001 
Artificial Intelligence Management Systems; ISO/IEC 23894 Artificial Intelligence Risk Management; MAS Veritas Framework; MAS 
FEAT Principles; OECD AI Principles (see Annexure A) 

Question 4: Flexibility over time 

Recommendation summary 
AUSCL supports the flexibility of the proposed sound practices and their principles-based, risk-based and 
technology-neutral approach. 

The final report may benefit from encouraging capability-based governance, periodic review of material AI risks and 
dependencies, horizon scanning of emerging risks and standards, and continued exploration of regulatory digital 
infrastructure to support assurance, supervisory visibility, interoperability and oversight of increasingly complex AI 
ecosystems. 

 

The final report may also benefit from recognising multi-agent interactions, shared dependencies and common 
infrastructure as potential sources of operational resilience, concentration and systemic risk, particularly where AI 

AUSCL considers that the proposed sound practices are sufficiently flexible to accommodate future technological 
developments. The report appropriately adopts a principles-based, risk-based and technology-neutral approach 
that focuses on governance outcomes rather than prescribing specific technical solutions. This approach is likely 
to remain effective as AI capabilities, deployment models and financial-sector use cases continue to evolve. 

AUSCL particularly supports the report's emphasis on proportionality, materiality, lifecycle management, 
continuous monitoring and organisational adaptability. These principles provide an appropriate foundation for 
managing both current AI systems and future developments, including increasingly autonomous, multimodal and 
interconnected AI systems. 

AUSCL notes that AI-related risks are evolving more rapidly than traditional technology risks. Future AI systems 
may differ substantially from current implementations in terms of autonomy, reasoning capability, tool use, 
interaction with other systems, integration with financial market infrastructure and operational scale. The final 
report should therefore encourage governance frameworks that can adapt over time without requiring frequent 
redesign. 
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To strengthen future-proofing, AUSCL recommends that financial institutions periodically review and update: 

• AI taxonomies and classification frameworks; 
• materiality and risk thresholds; 
• model and system inventories; 
• third-party and supply-chain dependencies; 
• concentration and substitutability assessments; 
• autonomy limits and authority controls; 
• human oversight arrangements; 
• testing methodologies; 
• performance metrics; and 
• incident and escalation criteria. 

Periodic review is particularly important because risks may emerge from changes in deployment context, vendor 
relationships, model capabilities, data sources or interactions between systems, rather than from the model itself. 

AUSCL notes that governance frameworks are more likely to remain effective over time when they focus on the 
capabilities, uses and impacts of AI systems rather than particular technologies, architectures or model types. A 
technology-neutral, capability-based approach enables institutions and supervisors to assess AI systems by 
reference to the decisions they may influence, the actions they may take, the stakeholders they may affect and the 
consequences that may follow if controls fail. This approach is consistent with emerging AI risk research, including 
the MIT AI Risk Repository, which organises risks by causal mechanisms and domains of harm rather than by 
specific technical implementations. 

Given the pace of technological, regulatory and standards development, institutions and supervisors may also 
benefit from maintaining regulatory intelligence and horizon-scanning capabilities. Monitoring emerging AI laws, 
standards, incidents, assurance methodologies and risk taxonomies can support adaptive governance, regulatory 
interoperability and more consistent supervisory practice. Resources such as ETO AGORA and the MIT AI Risk 
Repository may assist institutions and supervisors to track cross-jurisdictional developments and classify 
emerging AI risks, while preserving the FSB’s proportionate, risk-based and technology-neutral approach. 

AUSCL further recommends that future FSB work consider the role of regulatory digital infrastructure in supporting 
responsible AI adoption. 

Emerging approaches in computational law, machine-readable regulation and regulatory digital twins may assist 
both financial institutions and supervisors to translate high-level principles into operational controls, assurance 
processes and supervisory reporting. These approaches are being explored internationally through initiatives such 
as Rules as Code programs, digital legislative twin projects and machine-readable regulatory frameworks. 

Potential benefits include: 

• greater consistency in implementation; 
• improved auditability and traceability; 
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• more efficient compliance processes; 
• enhanced supervisory technology capabilities; 
• improved interoperability across jurisdictions; 
• better monitoring of systemic AI risks; and 
• more transparent assurance and reporting arrangements. 

AUSCL emphasises that regulatory digital infrastructure is best understood as a complement to, rather than a 
substitute for, principles-based regulation. Its value lies in improving the consistency, transparency and 
operationalisation of regulatory requirements while preserving the need for human judgement, supervisory 
discretion and risk-based decision-making. Over time, such approaches may support: 

• machine-readable AI inventories and assurance artefacts; 
• more consistent reporting schemas and supervisory indicators; 
• improved monitoring of AI adoption and concentration risk; 
• greater visibility of cross-border dependencies and third-party ecosystems; and 
• more effective oversight of operational resilience and digital financial infrastructure. 

AUSCL also notes the importance of distinguishing routine control measures from controls appropriate for high-
consequence AI risks. For material AI use cases, governance arrangements may warrant: 

• enhanced oversight and escalation thresholds; 
• independent assurance; 
• scenario analysis and severe-but-plausible stress testing; and 
• additional controls where residual risk remains elevated. 

Accordingly, AUSCL supports the flexibility of the proposed sound practices and notes the potential value of 
adaptive governance, periodic review mechanisms and continued exploration of regulatory digital infrastructure as 
tools to support effective AI governance, supervision and regulatory interoperability over time. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence and Financial Stability; FSB 2023 Third-
Party Risk Management Toolkit; OECD AI Principles; NIST AI Risk Management Framework; ISO/IEC 42001 Artificial Intelligence 
Management Systems; ISO/IEC 23894 Artificial Intelligence Risk Management; CSIRO/Data61 Rules as Code research; Better Rules 
Initiative (New Zealand); Realta Logic work on digital legislative twins and computational regulation (see Annexure A) 

Question 5: Case studies 

Recommendation summary 
AUSCL recommends that the FSB expand the case studies to include non-bank financial services, digital finance 
and systemic AI risks, including common dependencies on models, data providers, cloud services and other 
shared infrastructure. 
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AUSCL considers that the case studies in the consultation report are useful, but necessarily selective. They help 
illustrate how responsible AI adoption can support financial institutions in areas such as customer service, compliance, 
fraud detection, operational efficiency and risk management. However, AUSCL considers that the case studies could be 
strengthened by including additional non-bank, cross-sector and digital-finance examples. 

This would be consistent with the FSB's stated intention that the sound practices apply to all types of financial 
institutions, not only banks. It would also assist the final report to address the increasingly interconnected nature 
of financial services, where banking, insurance, superannuation, payments, digital identity, custody, market 
infrastructure, fintech and regtech services may depend on common cloud, data, identity, AI and third-party 
service-provider ecosystems. 

AUSCL recommends that the FSB consider additional case studies in the following areas: 

• AI-assisted insurance claims triage, including explainability, fairness, complaints handling, vulnerable 
customers, human review and redress; 

• AI in superannuation member engagement, including retirement guidance, personalisation, consumer 
protection, data governance and the boundary between information and financial advice; 

• AI-enabled scams and fraud detection, including synthetic identity, mule accounts, deepfakes, phishing, 
transaction monitoring and cross-institution information sharing; 

• AI-assisted payments and digital identity verification, including authentication, biometric verification, 
verifiable credentials, privacy safeguards and fraud prevention; 

• AI governance in fintech and regtech providers, including model risk, data lineage, accountability, 
supervisory technology and outsourced compliance functions; 

• agentic AI in compliance operations, including delegated authority, escalation pathways, tool permissions, 
audit trails, rollback and incident response; and 

• AI use in wholesale tokenised asset markets, including asset verification, automated compliance, 
settlement, custody, collateral management and market surveillance. 

AUSCL particularly recommends a case study on AI-enabled tokenised collateral or tokenised asset servicing. 
Such a case study would allow the FSB to examine how AI governance interacts with: 

• legal validity and enforceability; 
• asset provenance and verification; 
• custody and control; 
• settlement finality; 
• smart-contract design and failure modes; 
• digital identity and permissioning; 
• AML/CTF monitoring; 
• cyber security; 
• key management; 
• third-party dependencies; 
• operational resilience; and 
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• cross-border legal and regulatory issues. 

This case study would be valuable because tokenised financial infrastructure can convert governance failures into 
operational, legal and settlement consequences. AI may improve verification, monitoring and automation, but it 
may also introduce new risks where automated systems affect legally significant transactions, custody 
arrangements, collateral processes or settlement workflows. 

Australian experience may be useful in this respect. APRA CPS 230 provides a cross-sector operational resilience 
and service-provider risk framework for APRA-regulated banking, insurance and superannuation entities. The 
Digital Finance Cooperative Research Centre and Reserve Bank of Australia's work on wholesale CBDC and 
tokenised asset markets provides practical insight into how digital finance infrastructure can raise 
interconnected issues of governance, operational resilience, settlement, identity, data and risk management. 

AUSCL notes that the practical value of case studies may be enhanced by distinguishing between three broad 
categories of AI use: 

• AI supporting internal institutional operations; 
• AI influencing customer-facing or customer-impacting decisions; and 
• AI embedded within shared financial infrastructure, market utilities or third-party platforms. 

This distinction may assist institutions and supervisors to assess whether risks are primarily operational, 
customer-related, market-wide or systemic in nature, and to calibrate governance, assurance and oversight 
arrangements accordingly. 

Additional case studies of this nature may be particularly valuable for non-bank financial institutions, payment 
providers, Fintechs, Regtechs, digital asset service providers, market infrastructure operators and supervisory 
authorities overseeing emerging forms of digital financial infrastructure. 

AUSCL also notes the potential value of a case study addressing systemic AI risk and correlated behaviour. Such a 
scenario could explore the implications of multiple institutions relying on common foundation models, data 
providers, fraud-detection tools, cyber-security services or cloud infrastructure. While individual deployments may 
appear appropriately governed, common dependencies may contribute to correlated decision-making, 
concentration risk and common-mode failures, particularly during periods of market stress, cyber disruption or 
significant service-provider outages. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence and Financial Stability; FSB 2023 Third-
Party Risk Management Toolkit; APRA CPS 230 Operational Risk Management; Reserve Bank of Australia and Digital Finance 
Cooperative Research Centre materials on wholesale CBDC and tokenised asset markets; MAS Project Guardian materials; EU DLT 
Pilot Regime and Markets in Crypto-Assets Regulation (see Annexure A) 
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Question 6: Actionability of case studies 

Recommendation summary 
AUSCL considers the case studies actionable and recommends a consistent structure covering use case, risks, 
controls, accountability, evidence, testing and supervisory relevance. 

Their value would be further enhanced through illustrative artefacts and scenario testing for higher-materiality AI 
use cases, agentic AI and tokenised financial infrastructure, while preserving the FSB’s risk-based and 
proportionate approach. 

 

AUSCL considers that the case studies are actionable, particularly where they illustrate AI inventories, performance 
testing, human oversight, cyber scenarios and third-party risk management. They are useful because they translate the 
proposed sound practices from general principles into practical implementation examples. 

Their utility would be further improved if each case study adopted a consistent implementation pattern. AUSCL 
recommends that each case study identify: 

• the relevant AI use case; 
• the risk scenario; 
• affected stakeholders; 
• applicable sound practices; 
• control objectives; 
• accountable roles; 
• minimum evidence artefacts; 
• testing or validation methods; 
• escalation and incident pathways; 
• rollback, suspension or exit arrangements; and 
• supervisory relevance. 

This would assist financial institutions, boards, risk teams, auditors and supervisors to understand not only what 
responsible adoption means in principle, but what evidence should exist in practice. 

AUSCL recommends that the FSB include example artefact lists for common high-materiality use cases. For 
example, a material GenAI use case may require: 

• business case and intended purpose statement; 
• materiality and risk assessment; 
• privacy or data protection assessment; 
• data lineage and data-permission record; 
• model card or system card; 
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• prompt-control and prompt-management records; 
• explainability or compensating-control assessment; 
• testing and validation evidence; 
• cyber threat model; 
• human oversight design; 
• vendor due-diligence record; 
• contractual assurance record; 
• incident response plan; 
• rollback or suspension plan; and 
• post-deployment monitoring dashboard. 

For agentic AI, the artefact list should also include evidence of identity, authority, permissioning, transaction limits, 
tool access, escalation pathways, non-repudiation, logging, revocation controls and severe-but-plausible scenario 
testing. 

For tokenised financial infrastructure or AI-enabled tokenised collateral management, AUSCL recommends that 
the case study include evidence artefacts addressing: 

• legal classification of the tokenised asset; 
• legal validity and enforceability analysis; 
• settlement asset assessment; 
• settlement finality arrangements; 
• smart-contract audit; 
• key-management evidence; 
• custody and control analysis; 
• participant permissioning; 
• digital identity and authentication controls; 
• AML/CTF monitoring; 
• operational resilience testing; 
• cyber incident playbooks; 
• third-party dependency mapping; and 
• exit, portability or unwind arrangements. 

This is important because in tokenised markets, AI governance failures may affect not only internal risk decisions 
but legally significant transactions, asset control, market conduct, custody, collateral enforcement and settlement 
outcomes. 

AUSCL notes that case studies may be most valuable where they illustrate how governance, assurance and 
oversight expectations vary according to the materiality and risk profile of an AI use case. Lower-risk uses may 
warrant proportionate documentation and monitoring, while higher-materiality uses may benefit from stronger 
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assurance supported by evidence that the system remains lawful, secure, resilient and capable of being 
monitored, contested, paused or exited where necessary. 

For higher-materiality AI systems, case studies may also assist by illustrating scenario analysis and severe-but-
plausible stress testing, including model degradation, foundation-model withdrawal, cloud outages, data 
poisoning, prompt-injection attacks, synthetic-identity fraud, coordinated cyber incidents and failures affecting 
shared AI infrastructure. 

AUSCL further notes the potential value of illustrative artefacts, reference models or implementation examples. 
Such materials could support supervisory comparability and practical implementation while preserving the FSB's 
risk-based, proportionate and non-prescriptive approach. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence and Financial Stability; FSB 2023 Third-
Party Risk Management Toolkit; APRA CPS 230 Operational Risk Management; APRA CPS 234 Information Security; NIST AI Risk 
Management Framework; ISO/IEC 42001 Artificial Intelligence Management Systems; ISO/IEC 23894 Artificial Intelligence Risk 
Management; MAS Veritas Framework; Reserve Bank of Australia and Digital Finance Cooperative Research Centre materials on 
wholesale CBDC and tokenised asset markets (see Annexure A) 

Question 7: Glossary 

Recommendation summary 
AUSCL considers the glossary useful and recommends alignment with leading international sources, including 
OECD, ISO/IEC, NIST, the EU AI Act and relevant FSB, Basel, IOSCO and CPMI materials. 

The glossary would benefit from clearer distinctions and cross-references between key concepts.  Periodic review 
would support regulatory interoperability, supervisory comparability and consistent implementation while 
preserving the FSB’s principles-based, technology-neutral and risk-based approach. 

 

AUSCL considers that the glossary is useful and broadly aligned with current international terminology. Clear 
definitions are important because inconsistent use of terms such as “AI system”, “model”, “agentic AI”, “human 
oversight”, “explainability”, “transparency”, “third-party dependency” and “criticality” can create implementation 
uncertainty for financial institutions and supervisory inconsistency across jurisdictions. 

AUSCL recommends that the FSB undertake a structured cross-check of the glossary against leading legislative, 
standards-based and policy sources, including: 

• EU Artificial Intelligence Act, Article 3; 
• ISO/IEC 22989:2022, Artificial intelligence concepts and terminology; 
• ISO/IEC 42001:2023, Artificial intelligence management system; 
• ISO/IEC 23894:2023, Artificial intelligence – Guidance on risk management; 
• OECD AI Principles and definition of “AI system”; 
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• OECD explanatory memorandum on updated AI system definition; 
• NIST AI Risk Management Framework and AI glossary; 
• Council of Europe Framework Convention on AI; 
• Australian Government Voluntary AI Safety Standard; 
• MAS FEAT Principles and Veritas materials; and 
• relevant FSB, Basel Committee, IOSCO and CPMI materials (see Annexure A – References for full citations) 

AUSCL does not recommend that the FSB simply adopt one source wholesale. Definitions serve different 
purposes. Legislative definitions allocate rights and obligations; technical standards support interoperability and 
assurance; supervisory definitions assist risk classification and reporting; and academic taxonomies assist horizon 
scanning. The glossary should therefore prioritise consistency where possible, while preserving definitions that are 
fit for financial-sector risk management. 

AUSCL notes that the glossary may be strengthened by distinguishing more clearly between closely related 
concepts while recognising that some terms may be relevant across multiple governance, risk and supervisory 
contexts. Where appropriate, cross-references between related terms may assist consistent interpretation and 
application across jurisdictions. 

In particular, the glossary may benefit from clearer distinctions between: 

• AI model and AI system; 
• developer, provider, deployer, user and affected stakeholder; 
• explainability, interpretability and transparency; 
• human-in-the-loop, human-on-the-loop and human-over-the-loop oversight; 
• agentic AI, AI-assisted decision support and multi-agent systems; 
• model risk, system risk, operational risk, systemic AI risk, common-mode failure and correlated model 

behaviour; 
• third-party risk, supply-chain risk and concentration risk; 
• data lineage, data provenance and data quality; and 
• material AI use case, critical operation, AI incident, AI assurance case, regulatory digital twin and 

regulatory intelligence. 

Clear definitions and cross-references would support more consistent interpretation, implementation and 
supervisory dialogue across institutions and jurisdictions. 

Over time, supervisors and standard-setting bodies may also find value in exploring more structured approaches to 
terminology management, including machine-readable definitions, taxonomies and metadata models. Such 
approaches could support greater consistency across reporting, assurance, supervisory analytics and regulatory 
interoperability while preserving the technology-neutral and principles-based character of the sound practices. 

AUSCL notes that the glossary may also benefit from including selected terms relevant to emerging digital financial 
infrastructure where those concepts are used in AI-enabled financial services. Relevant examples include: 
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• tokenised assets; 
• programmable settlement; 
• digital identity; 
• verifiable credentials; 
• smart contracts; 
• custody and key management; and 
• settlement finality. 

Given the pace of change in AI and digital finance, AUSCL also notes the value of maintaining the glossary as a 
periodically reviewed reference. This would support: 

• regulatory interoperability; 
• supervisory comparability; 
• consistent implementation of the sound practices; and 
• greater clarity as terminology evolves in areas such as foundation models, agentic AI, multimodal systems, 

synthetic data, embeddings, AI incidents and AI supply-chain dependencies. 

AUSCL would be pleased to contribute to any future work on glossary development, terminology harmonisation or 
related research. A practical approach may include: 

• mapping glossary terms against OECD, ISO/IEC, NIST and relevant financial-sector sources; 
• identifying material divergences and areas requiring clarification; 
• flagging terms that may require financial-sector-specific treatment; and 
• maintaining a glossary change log to support future revisions. 

Such an approach could assist in promoting greater consistency across jurisdictions while preserving the FSB's 
principles-based, technology-neutral and risk-based approach. 

Part B – Additional recommendations 
B1   Regulatory digital twins and digital regulatory infrastructure 

Recommendation summary 
AUSCL recommends that the FSB monitor developments in regulatory digital infrastructure, regulatory digital 
twins, Rules as Code and computational law as practical mechanisms for improving implementation, assurance, 
supervisory visibility and interoperability. A proportionate first step could be an exploratory pilot focused on 
material AI use cases to assess whether structured implementation artefacts enhance consistency and oversight 
without creating additional regulatory burden. 
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AUSCL recommends that the FSB consider regulatory digital infrastructure as an implementation mechanism for 
responsible AI adoption, either in the final report or as a future workstream. This would preserve the principles-based 
nature of the sound practices while assisting institutions and supervisors to implement, monitor and evidence existing 
governance expectations more consistently and transparently. 

Material AI use cases may engage multiple obligations simultaneously, including operational resilience, 
information security, privacy, outsourcing and third-party risk, consumer protection, digital identity, record 
keeping, incident management and market conduct. As AI adoption expands across complex technology and 
service-provider ecosystems, institutions may require more structured ways to demonstrate how these obligations 
are identified, implemented, monitored and assured. 

For this purpose, a regulatory digital twin may be understood as a structured, machine-readable representation of 
relevant obligations, supervisory expectations, controls, evidence artefacts and decision pathways, mapped to an 
institution’s systems, processes, products and third-party dependencies. Its value lies in improving 
operationalisation, traceability and assurance. It does not replace legislation, legal interpretation, supervisory 
judgement, regulatory discretion, merits review, legal advice or institutional accountability. 

Regulatory digital infrastructure may support financial institutions through: 

• AI inventories and use-case registries; 
• obligation and control mapping; 
• governance workflows and approval gates; 
• testing, validation and assurance artefacts; 
• incident management and escalation processes; and 
• monitoring of third-party, supply-chain and concentration risks. 

For supervisors and regulatory authorities, it may support: 

• more consistent supervisory and regulatory reporting; 
• improved comparability across institutions; 
• enhanced supervisory technology and regulatory analytics; 
• monitoring of AI adoption trends and material use cases; 
• identification of concentration, dependency and common-mode risks; 
• monitoring of systemic vulnerabilities; and 
• aggregation of supervisory intelligence across sectors and jurisdictions. 

This capability may be particularly valuable for cross-border institutions, where AI use cases often engage 
overlapping privacy, cybersecurity, operational resilience, outsourcing, secrecy, lawful-access, data-transfer and 
third-party risk obligations. Structured obligation and control mapping may assist institutions and supervisors to 
understand how those obligations interact across cloud environments, model providers, service providers and 
jurisdictions. 
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Regulatory digital infrastructure may also strengthen accountability and assurance by creating traceability 
between: 

• regulatory principles; 
• legal obligations; 
• institutional policies; 
• technical controls; 
• operational processes; and 
• assurance evidence. 

Such traceability can improve transparency, auditability and supervisory visibility, particularly as AI systems 
become more autonomous, interconnected and embedded within critical financial services. 

AUSCL does not propose that the FSB develop a comprehensive digital regulatory framework. A proportionate first 
step could be an exploratory pilot focused on material AI use cases in financial services, examining how the sound 
practices map to domestic obligations and whether structured implementation artefacts improve consistency, 
assurance and supervisory visibility without creating unnecessary regulatory burden. 

There is now substantial practical activity in machine-readable regulation, Rules as Code, computational law and 
regulatory digital twins. Relevant Australian examples include CSIRO Data61’s work on Regulation as a Platform 
and Rules as Code, and Realta Logic’s regulatory digital twin approach. These initiatives demonstrate how 
regulatory requirements can be connected to implementation artefacts, assurance evidence and operational 
workflows without reducing legal obligations to software code. 

AUSCL further notes that regulatory digital infrastructure is most effective when linked to regulatory intelligence 
and horizon scanning, so that obligation maps, AI inventories and supervisory artefacts remain current against 
evolving laws, standards, guidance, incidents and recognised risk taxonomies. 

AUSCL therefore recommends that the FSB monitor developments in regulatory digital infrastructure, regulatory 
digital twins, Rules as Code and computational law as part of future work on AI governance, supervisory 
interoperability and financial-system resilience. The value of these approaches lies not in replacing regulatory 
judgement, but in improving implementation, assurance, supervisory visibility and interoperability across 
increasingly complex financial and technological ecosystems. 

Useful references: FSB 2026 Consultation Report; FSB 2025 Report on Artificial Intelligence and Financial Stability; FSB 2023 Third-
Party Risk Management Toolkit; CSIRO Data61 work on Regulation as a Platform and Rules as Code; OECD work on Rules as Code and 
digital government; Better Rules Initiative (New Zealand); research in computational law and legal informatics; Realta Logic materials 
concerning regulatory digital twins and digital regulatory infrastructure (see Annexure A) 
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B2   Cross-border data movement, privacy, cybersecurity and sovereignty 

Recommendation summary 
AUSCL recommends that the FSB recognise cross-border data, privacy, cybersecurity, sovereignty and 
operational-control risks as interconnected elements of responsible AI adoption. 

For material AI use cases, sound practices may encourage proportionate governance of data access, third-party 
dependencies, lawful-access risks, encryption controls, audit rights and exit arrangements, particularly where AI 
supports critical services or financial infrastructure. 

AUSCL recommends that the FSB recognise cross-border data movement, privacy, cybersecurity, sovereignty and 
operational-control risks as interconnected elements of responsible AI adoption in financial services. 

Modern AI deployments often rely on distributed ecosystems involving cloud providers, foundation model 
providers, data vendors, digital identity services, software supply chains, managed service providers and offshore 
support arrangements. For material AI use cases, institutions may benefit from assessing: 

• where data, prompts, embeddings, logs, outputs and derived data are stored, processed or accessed; 
• who may access those assets, under what authority and for what purpose; 
• whether customer, confidential or proprietary information may be used for training, fine-tuning, monitoring, 

evaluation or product improvement; 
• whether providers, affiliates or subcontractors are subject to foreign lawful-access, disclosure or secrecy 

regimes; 
• how encryption keys are controlled and whether effective control over sensitive information is retained; 
• whether audit, assurance, monitoring and incident-notification rights remain effective across cross-border 

service arrangements; 
• whether data-transfer, retention and deletion requirements can be demonstrated and independently 

verified; and 
• whether exit, portability, substitutability and business-continuity arrangements are realistic for critical AI 

services. 

These considerations are particularly relevant where AI supports critical business services, customer-facing 
decisions, fraud and scams detection, digital identity, payments, trading, market infrastructure, tokenised assets 
or other functions with prudential, operational resilience or financial-stability implications. 

This recommendation aligns with the FSB's existing work on third-party risk management and AI-related 
vulnerabilities, including concentration risk, substitutability, supply-chain dependencies, operational 
interconnectedness and oversight of critical service providers. It is also consistent with domestic frameworks such 
as APRA CPS 230, APRA CPS 234, Australian Privacy Principle 8, the Digital ID Act 2024 and broader cyber 
resilience, critical infrastructure and third-party risk initiatives. 
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AUSCL does not advocate data localisation requirements or restrictions on legitimate cross-border operations. 
Rather, AUSCL recommends that the sound practices recognise cross-border data and operational-control risks as 
matters requiring proportionate governance, transparency, evidence and assurance for material AI use cases. The 
objective is accountable, resilient and trustworthy cross-border AI adoption while avoiding unnecessary 
fragmentation of financial services, technology ecosystems or innovation. 

Useful references: FSB 2023 Third-Party Risk Management Toolkit; FSB 2025 Report on Artificial Intelligence and Financial Stability; 
APRA CPS 230 Operational Risk Management; APRA CPS 234 Information Security; Australian Privacy Principle 8; Digital ID Act 2024; 
OECD AI Principles; NIST AI Risk Management Framework (see Annexure A) 
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ANNEXURE B - Comparative implementation context 

 

Jurisdiction / 
framework 

Relevant approach Potential relevance to FSB sound 
practices 

Australia APRA CPS 230 requires APRA-regulated entities to manage 
operational risk, maintain critical operations through 
disruptions and manage risks from service providers. CPS 234 
addresses information security. SOCI reforms and the Critical 
Infrastructure Risk Management Program reflect a broader all-
hazards resilience approach. The Digital ID Act provides a 
statutory framework for digital identity accreditation, privacy 
and governance. The Australian Government responsible AI 
policy and AI assurance framework provide examples of impact 
assessment and transparency mechanisms. The Privacy Act 
1988 (Cth) covers the use of personal information in AI systems 
including restrictions on creation of new personal information, 
reuse and sharing of personal information, international data 
transfers and security, and will require (from December 2026) 
transparency over the use of AI-enabled decision-making. 

Useful implementation examples for 
operational resilience, service-provider 
risk, cyber security, AI assurance, 
privacy and identity governance. 

European Union The EU AI Act creates horizontal obligations for certain high-risk 
AI systems, including some financial-sector-adjacent uses 
such as creditworthiness and insurance-related risk 
assessment. The Digital Operational Resilience Act (DORA) also 
provides a financial-sector operational resilience and ICT third-
party risk framework. 

Useful for risk classification, 
transparency, conformity assessment, 
ICT resilience and third-party oversight. 

United Kingdom The Bank of England and FCA have undertaken periodic AI 
surveys in financial services. The UK approach remains broadly 
principles-based and regulator-led, with strong emphasis on 
operational resilience, model risk and supervisory monitoring. 

Useful for monitoring AI adoption, 
industry surveys, scenario libraries and 
public-private operational resilience 
exercises. 

Singapore MAS has developed the FEAT principles and Veritas initiative for 
fairness, ethics, accountability and transparency in financial-
sector AI, and Project MindForge for GenAI risk management in 
financial institutions. 

Useful for operationalising responsible 
AI principles through assessment 
methodologies and industry toolkits. 

United States NIST AI RMF 1.0 provides a voluntary framework for managing AI 
risks to individuals, organisations and society. US financial 
regulators also maintain model risk and third-party risk 
expectations relevant to AI adoption. 

Useful for AI risk taxonomy, 
measurement, governance and voluntary 
risk-management practices. 
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Jurisdiction / 
framework 

Relevant approach Potential relevance to FSB sound 
practices 

International 
standards 

ISO/IEC 42001 provides an AI management-system standard. 
ISO/IEC 23894 provides guidance on AI risk management. 
OWASP and MITRE provide practical cyber-security references 
for LLMs, agentic AI and adversarial machine learning. 

Useful for assurance, internal audit, 
cyber testing and third-party governance. 

Australia - 
DFCRC / Project 
Acacia 

Project Acacia, led by the Reserve Bank of Australia and the 
Digital Finance Cooperative Research Centre, explored how 
digital money and settlement infrastructure could support 
wholesale tokenised asset markets. The RBA stated that 
tokenised assets, digital money and new settlement 
infrastructure can improve wholesale market efficiency, 
including faster settlement, reduced counterparty risk, 
improved capital efficiency and automated asset servicing. 

Provides a concrete Australian case 
study for AI interacting with tokenised 
asset markets, digital money, settlement 
infrastructure and operational resilience. 
The FSB could use this type of evidence 
to develop case studies on AI-supported 
digital financial infrastructure. 

European Union - 
DORA, EU AI Act, 
MiCA and DLT 
Pilot Regime 

The EU combines horizontal AI regulation, ICT operational 
resilience, crypto-asset regulation and a DLT market 
infrastructure pilot regime. DORA establishes an EU-wide 
oversight framework for critical ICT third-party providers, while 
the DLT Pilot Regime provides a legal framework for trading and 
settlement of certain DLT financial instruments. 

Useful as a comparative model for 
integrating AI risk, operational resilience, 
third-party oversight and tokenised 
market-infrastructure experimentation. It 
also illustrates the need to avoid 
fragmentation across overlapping digital-
finance regimes. 

Singapore - MAS 
FEAT, Veritas and 
Project Guardian 

Singapore combines AI governance and digital-finance 
experimentation through the FEAT Principles, Veritas initiative 
and Project Guardian. MAS describes Project Guardian as 
supporting industry trials involving multiple currencies and 
financial products, including tokenised funds and other 
tokenised asset use cases. 

Useful for practical, industry-led case 
studies and assurance methodologies. 
Singapore illustrates how responsible AI, 
tokenisation and market-infrastructure 
innovation can be developed through 
supervised pilots and open assurance 
tools. 

China / Hong 
Kong - e-CNY and 
cross-boundary 
digital currency 
pilots 

China and Hong Kong provide examples of large-scale digital 
currency and payments experimentation, including e-CNY 
pilots and cross-boundary wallet/payment arrangements. The 
relevance is operational scale and infrastructure integration, 
not endorsement of any particular governance model. 

Useful as a cautionary and comparative 
example for systemic monitoring, 
privacy, resilience, interoperability and 
cross-border implications of digital 
money infrastructure that may 
increasingly interact with AI-enabled 
financial services. 
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